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C  H  A  P  T  E  R  10 

Societal  Expectations  for  AI  Deployments
 in  Policing 

Petra  Saskia  Bayerl  

10.1  Introduction  

The  intr  oduction  of  ar  tificial  intelligence  (AI)  for  policing  purposes
 continues  to  be  a  flashpoint  in  public  discussions  about  both  fair  ness  and
 security.  On  the  one  hand,  AI  is  seen  as  a  necessar  y  avenue  to  impr  ove
 policing  per  for  mance  (e.g.  in  the  context  of  community  policing,  counter
 ter  r  orism  or  cyber  crime;  [  5– 7]),  and  as  such  has  become  an  integral  par  t
 of  futur  e  policing  strategies  (Chap.  1).  On  the  other  hand,  legitimate
 concer  ns  ar  e  raised  about  the  potential  of  AI  to  make  wr  ong  decisions  or
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ingrain  historical  biases.  Extr  eme  opinions  even  consider  AI  to  be  ‘unfit
 for  purpose’  [  3].
 

Still,  AI  deployments  by  police  for  ces  ar  e  ongoing,  and  it  is  ther  efor  e
 not  a  question  of  ‘whether’  but  rather  of  ‘how’  to  deploy  AI  in  a  way
 that  is  acceptable  to  the  public.  Yet,  public  per  ceptions  of  AI  ar  e  not
 monolithic.  Past  r  esear  ch  shows  that  public  per  ceptions  ar  e  split  along
 var  ying  viewpoints  fr  om  acceptance  to  r  esistance  (e.g.  [ 2]),  ranging  fr  om
 a  per  ceived  r  equir  ement  for  the  better  pr  otection  of  society  to  the  will
 ingness  to destr  oy  sur  veillance  infrastr  uctur  e  to  safeguar  d  one’s  privacy.
 Acceptance  is  fur  ther  af  fected  by  the  way  that  AI  is  used,  such  as  levels
 of  transpar  ency,  the  non-sharing  of  data  (i.e.  privacy)  and  the  pr  esence
 of  an  appeals  system  [  4].  The  latter  especially  speaks  to  the  impor  tance
 of  accountability  for  public  acceptance  of  AI.  Understanding  variations
 in  how  the  public  per  ceives  AI  deployments  in  policing  is  ther  efor  e  an
 impor  tant  aspect  to  guide  AI  deployments  and  to  shape  AI  policies  in  an
 ef  fective  manner. 

This  chapter  of  fers  insights  fr  om  a  large-scale  national  citizen  consul
 tation  in  the  United  Kingdom.  It  pr  ovides  a  detailed  view  not  only  about
 overall  levels  of  acceptance  but  also  wher  e  citizens  see  the  most  bene
 fits  and  concer  ns  in  the  AI  use  by  police,  as  well  as  conditions  that
 would  impr  ove  acceptance  and  tr  ust.  The  subsequent  section  outlines  the
 sur  vey  methodology,  followed  by  a  detailed  description  of  the  findings.
 The  chapter  ends  with  r  ecommendations  for  measur  es  to  incr  ease  public
 acceptance  and  tr  ust,  based  on  the  evidence  of  the  consultation.
 

10.2  Methodology  of  the  Consultation  

10.2.1  Data  Collection  and  Par  ticipants  

The  consultation  was  conducted  as  nation-wide  anonymous  online  sur  vey
 in  the  UK  between  April  and  June  2025,  focusing  on  the  general  UK
 population  star  ting  fr  om  14  years  of  age.  The  r  ecr  uitment  was  conducted
 thr  ough  an  online  panel  pr  ovider  and  ensur  ed  r  epr  esentative  sample
 demographics  for  gender  and  age  (for  age  gr  oups  18+)  acr  oss  all  four
 nations  in  the  United  Kingdom.
 

In  total,  the  consultation  includes  a  total  of  10,114  par  ticipants.
 Table  10.1  pr  ovides  an  over  view  of  the  sample  characteristics.  As  the
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over  view  indicates,  the  consultation  r  eached  a  diverse  gr  oup  of  par  tici
 pants  both  in  ter  ms  of  demographics  and  experiences,  which  allows  the
 investigation  of  subgr  oups  within  the  sample. 

10.2.2  Aspects  Assessed  in  the  Consultation 

The  consultation  cover  ed  seven  themes  to  investigate  dif  fer  ent  aspects  of
 public  per  ceptions  and  acceptance:  

1. Acceptance  of,  and  tr  ust  in,  AI  and  AI-suppor  ted  policing
 

2. Risks  and  benefits  of  AI  for  personal,  societal  and  institutional
 policing  purposes

 

3. Measur  es  to  impr  ove  public  tr  ust  in  the  police  use  of  AI
 

4. The  r  ole  of  accountability  for  tr  ust
 

5. Public  r  eactions  to  32  deployment  scenarios,  including  cur  r  ent  and
 potential  (futur  e)  deployment  ar  eas

 

6. Measur  es  to  r  ecover  tr  ust  in  case  of  AI  failur  es  (open  answers)
 

7. Tr  ust  in  the  police  and  other  institutions
 

This  chapter  focuses  on  findings  with  r  espect  to  acceptance,  risks,
 benefits  and  the  r  ole  of  AI  accountability.
 

10.2.3  Ethics 

The  study  r  eceived  ethics  appr  oval  by  the  Shef  field  Hallam  University’s
 Resear  ch  Ethics  Committee.  The  sur  vey  was  conducted  as  an  anonymous
 questionnair  e  (i.e.  did  not  collect  par  ticipant  infor  mation  such  as  loca
 tion  or  IP  addr  ess).  Par  ticipants  wer  e  fur  ther  r  equir  ed  to  give  infor  med
 consent  befor  e  star  ting  the  sur  vey  (individuals  who  did  not  consent  wer  e
 not  allowed  to  pr  oceed  to  the  sur  vey);  double  consent  was  used  for
 the  youth  sample,  r  equiring  par  ent  consent  befor  e  youths  wer  e  able  to
 par  ticipate  in  the  consultation.
 



178  P.  S.  BAYERL  

Table  10.1  Sample  characteristics
 

Categor  y  Percentage  (%) 

Gender  

Women  51.9  

Men  47.5  

Non-binar  y/other  0.5  

Pr  efer  not  to  say 0.2  

Age  

14–17  years  5.7  

18–24  years  19.0  

25–34  years  16.6  

35–44  years  15.4  

45–54  years  16.0  

55–64  years  14.4  

65–74  years  9.4  

75+  years  3.5  

Pr  efer  not  to  say 0.1  

Ethnicity  

White 80.1  

Black 9.8  

Asian  5.2  

Mixed  ethnicity 3.1  

Other  1.5  

Pr  efer  not  to  say 0.3  

Education  level  

No  for  mal  education  0.6  

Secondar  y  education  31.7  

Bachelor/master  degr  ee 34.4  

Pr  ofessional  degr  ee 7.9  

PhD 4.7  

Member  of  a  group  discriminated  against  by  police  

No  78.9  

Yes  11.2  

Unsur  e 6.6  

Pr  efer  not  to  say 3.3  

AI  knowledge  (general)  

No  or  ver  y  little  knowledge 32.0  

Some  or  good  knowledge 65.0  

Exper  t 3.0  

AI  knowledge  (policing)  

No  or  ver  y  little  knowledge 73.2  

Some  or  good  knowledge 25.4  

(continued) 
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Table  10.1  (continued)
 

Categor  y  Percentage  (%)
 

Exper  t 1.3  

Professional  background  

Working  in  security-r  elated  sector  (adult  sample)  6.3  

Par  ent  working  in  security-r  elated  sector  (youth  sample)  16.2  

10.3  Findings  

10.3.1  Extent  of  Public  Suppor  t  for  AI  Use  by  Police 

The  consultation  demonstrates  a  largely  positive  view  about  AI  use  by
 police:  61.3%  of  par  ticipants  indicated  suppor  t  for  the  police  use  of  AI;
 18.9%  of  this  gr  oup  even  voiced  str  ong  suppor  t.  A  similar  per  centage
 (64.0%)  mor  eover  consider  ed  AI  as  a  capability  that  enhances  policing
 (cp.  Fig.  10.1).  The  r  easons  for  suppor  t  can be  gather  ed  fr  om  the  fr  ee  text
 comments  pr  ovided  at  the  end  of  the  sur  vey.  These  illustrate  that  suppor  t
 is  founded  in  the  expectation  that  AI  makes  cur  r  ent  policing  ef  for  ts  mor  e
 ef  fective,  as  well  as  the  expectation  that  AI  will  help  the  police  r  eact  mor  e
 ef  fectively  against  futur  e  crime  challenges.  AI  is  thus  seen  as  an  impor  tant
 measur  e  to  ‘futur  epr  oof’  policing  capabilities. 

The  police  use  of  AI  was  opposed  by  19.1%  (7.2%  of  these  indicating
 str  ong  opposition),  while  12.4%  consider  ed  AI  as  a  capability  that  under
 mines  policing.  Reviewing  the  fr  ee  comments  of  these  par  ticipants,  the
 opposition  was  gr  ounded  in  in  a  general  lack  of  tr  ust  in  the  police,  as
 well  as  fears  that  ‘the  police  star  t  seeing  [individuals]  as  data  rather  than
 people’.  Mor  eover,  AI  was  seen  as  ‘too  pr  ematur  e’  to  be  used  for  policing
 and  security  purposes.
 

Notable  is  the  considerable  number  of  people  with  a  neutral  stance  (i.e.
 neither  suppor  tive  nor  opposing  position).  The  neutral  stance  was  similar
 in  size  to  the  gr  oup  opposing  AI  use  by  police:  19.6%  indicated  a  neutral
 position  compar  ed  to  19.1%  opposing  AI.
 

An  even  larger  gr  oup  (23.6%)  doubted  whether  AI  has  any  ef  fect
 (either  positive  or  negative)  for  policing.  Together,  these  obser  vations
 indicate  that  a  considerable  majority  of  the  public  (80.9%)  is  not  dir  ectly
 opposed  to  the  police  use  of  AI,  although  some  may  doubt  whether  it
 has  any  dir  ect  ef  fects.
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Fig.  10.1  General  acceptance  of  police  use  of  AI  (adapted  fr  om:  Bayerl  et  al.
 [  1])
 

Subgroup  Dif  ferences:  investigating  subgr  oups  within the  sample  iden
 tified  r  elevant  variations.  For  example,  sur  vey  par  ticipants  with  higher
 levels  of  AI  exper  tise  indicated  higher  levels  of  acceptance:  88.1%  of
 exper  ts  agr  eed  that  AI  enhances  policing,  compar  ed  to  49.9%  of  people
 claiming  no  exper  tise  in  AI.  Reversely,  33.9%  of  people  without  exper
 tise  believed  that  AI  does  nothing  for  policing,  compar  ed  to  only  6.7%
 of  exper  ts.  Equally,  par  ticipants  with  higher  levels  of  education  (PhD
 and  pr  ofessional  degr  ee)  showed  str  onger  acceptance:  77.8%  and  77.1%,
 r  espectively,  felt  that  AI  enhances  policing  compar  ed  to  56.9%  with
 secondar  y  school  as  their  highest  attainment.  While  the  exact  links  deser  ve
 fur  ther  investigation,  these  obser  vations  indicate  that  knowledge  and
 education  attainment  af  fect  r  eactions  to  AI,  potentially  thr  ough  gr  eater
 confidence  about  the  working  and  ef  fects  of  AI.
 

Less  clear  ar  e  r  esults  for  age  gr  oups  and  gender.  Comparing  answers  in
 the  youth  and  adult  sample  suggests  that youths  ar  e  somewhat  mor  e  crit
 ical  towar  ds  AI,  with  59.8%  agr  eeing  that  AI  enhances  policing  and  26.2%
 seeing  no  ef  fect,  compar  ed  to  the  adult  sample  with  64.7%  and  23.2%,
 r  espectively.  Men  wer  e  slightly  mor  e  positive  compar  ed  to  women  (men:
 68.9%  enhances  policing,  20.0% does  nothing  versus  women:  59.8%  and
 26.8%,  r  espectively).  A  clear  er  ef  fect  was  found  for  people  identifying  as
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non-binar  y  with  only  30.4%  considering  AI  as  enhancing  policing  (vs
 32.6%  under  mining  it).  However,  this  gr  oup  is  extr  emely  small  (n  =
 46),  which  means  that  these  numbers  should  only  be  seen  as  a  potential
 indication  for  fur  ther  investigation.
 

10.3.2  Main  Concer  ns  and  Benefits 

To  understand  public  views  on  concer  ns  and  benefits,  we  dif  fer  entiated
 between  thr  ee  ar  eas  of  impact:  

1. Personal  aspects  addr  essing  individual  safety,  privacy  and  the  safety
 of  the  people  someone  car  es  about

 

2. Societal  aspects  addr  essing  ef  fects  on  communities  or  public  goods
 such  as  fundamental  rights  and  ef  fective  use  of  taxes

 

3. Institutional  aspects  addr  essing  impacts  on  the  ability  of  the  police
 to  fulfil  their  r  ole 

10.3.2.1  Concer  ns 

The  str  ongest  public  concer  n  was  the  fear  that  AI  could  be  used  to  escape
 the  r  esponsibility  for  failur  es,  i.e.  that  ‘police  pass  the  blame  to  AI  if
 something  goes  wr  ong’  (cp.  Fig.  10.2).  This  is  followed  by  wor  ries  about
 er  r  ors  and  biases  that  will  negatively  af  fect  specific  gr  oups.  Less  concer  ns
 wer  e  voiced  about  personal  risks,  such  as  individual  privacy  of  fline  and
 er  r  ors  and  biases  af  fecting  oneself.  The  most  per  tinent  public  concer  ns
 ther  efor  e  seem  to  be  societal  and  institutional,  rather  than  personal.  A
 r  elevant  obser  vation  is  that  concer  ns  ar  e  af  fected  by  personal  experiences.
 Per  ceived  vulnerability  to  police  discrimination  af  fected  concer  ns  about
 the  police  passing  blame  to  AI:  61.1%  in  this  gr  oup  wer  e  concer  ned  or
 extr  emely  concer  ned,  compar  ed  to  48.7%  of  people  who  do  not  see  them
 selves  as  vulnerable  to  police  discrimination.  Crime  victimisation  in  the
 last  12  months  also  led  to  higher  rates  of  concer  ns:  60.3%  in  this  gr  oup
 voiced  concer  ns  about  er  r  ors  and  biases  that  negatively  af  fect  specific
 gr  oups  compar  ed  to  only  36.7%  without  crime  experiences. 

10.3.2.2  Benefits  

The  str  ongest  benefits  of  AI  wer  e  per  ceived  for  enhancing  the  ef  fective
 ness  of  the  police  to  solve  crimes  and  in  an  impr  oved  ability  and  mor  e  time
 for  the  police  to  deal  with  serious  crimes.  67.8%  and  66.4%,  r  espectively,
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Fig.  10.2  Public  concer  ns  against  police  use  of  AI  (adapted  fr  om:  Bayerl  et  al.
 [  1])
 

of  par  ticipants  indicated that  AI  makes  these  aspects  better,  compar  ed
 to  12.0%  and  11.3%,  r  espectively,  who  indicated  that  AI  would  make
 them  worse  (cp.  Fig.  10.3).  Fewer  benefits  wer  e  seen  with  r  egar  d  to  the
 pr  otection  of  their  own  safety  and  even  less  for  the  pr  otection  of  funda
 mental  rights:  47.0%  and  37.2%,  r  espectively,  indicated  that  AI  makes
 these  aspects  better,  compar  ed  to  17.6%  and  28.5%,  who  indicated  that  AI
 makes  them  worse.  This  suggests  that expected  AI  benefits  ar  e  primarily
 associated  with  cor  e  policing  functions,  rather  than  societal  and  personal
 benefits. 

Similar  to  overall  suppor  t,  men wer  e  mor  e  positive  acr  oss  all  benefit
 types:  for  instance,  28.8%  of  men  indicated  that  AI  makes  policing  ef  for  ts
 for  national  security  ‘much  better’  compar  ed  to  17.5%  of  women.  While
 these  ar  e  no  dramatic  dif  fer  ences,  this  patter  n  holds  acr  oss  all  benefits
 investigated  in  the  sur  vey.
 

An  inter  esting  ef  fect  emerged  with  people  who  r  epor  ted  knowledge
 about  AI  in  policing.  Her  e,  benefit  expectations  wer  e  considerably  lower
 compar  ed  to  people  who  r  epor  ted  no  knowledge  of  AI  in  policing.  For
 instance,  people  without  knowledge  agr  eed  to  53.7%  that  AI  will  impr  ove
 the  ability  to  pr  otect  the  safety  of  people  they  car  e  about,  compar  ed  to
 only  7.7%  in  the  exper  t  gr  oup.  Again,  this  patter  n  holds  acr  oss  all  bene
 fits,  suggesting  a  much  mor  e  critical  stance  in  people  with  policing  AI
 exper  tise.  This  is  despite  the  fact  that  the  overall  suppor  t  for  police  of  AI
 is  higher  in  police  AI  exper  ts  (63.4%  str  ongly  suppor  t)  than  in  lay  people
 (10.4%  str  ongly  suppor  t).
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Fig.  10.3  Benefits  per  ceived  fr  om  the  use  of  AI  by  police  (adapted  fr  om:  Bayerl
 et  al.  [  1])
 

This  imbalance  is  a  str  ong  indication  that  how  suppor  t  is  measur  ed
 has  a  considerable  impact  on  r  esults  and  may  tap  into  dif  fer  ent  aspects
 of  public  attitudes,  and  that  overall  acceptance  does  not  guarantee
 acceptance  for  specific  usages  or  benefits  nar  ratives.
 

10.3.2.3  No  Ef  fect  of  AI  for  Policing 

Additional  insights  come  fr  om  answers  that claim  that  ‘AI  has  no  ef  fect’
 on  policing.  Mor  e  than  a  thir  d  of  the  public  consider  ed  AI  as  being  inef
 fective  for  their  own  safety  (35.4%),  the  safety  of  people  they  car  e  about
 (31.5%),  as  well  as  the  pr  otection  of  fundamental  rights  (31.5%).  Fewer
 doubts  existed  on  the  impact  of  AI  for  the  ef  fectiveness  of  police  to  solve
 crimes  (20.2%  indicate  ‘no  ef  fect’)  and  on  national  security  (19.2%  indi
 cate  ‘no  ef  fect’,  cp.  Fig.  10.4).  Similar  to  overall  benefits,  these  findings
 underscor  e  that the  public  sees  AI’s  main  ef  fect  in  cor  e  policing  functions,
 rather  than  personal  ones. 

10.3.3  Public  Tr  ust  in  AI  Use  by  Police  and  AI  Decisions 

The  pictur  e  on  public  tr  ust  is  mixed.  Slightly  over  50%  indicated  that
 they  tr  ust  the  police  to  use  AI  to  suppor  t  their  decision-making,  15.4%
 of  these  ‘ver  y  much’  (cp.  Fig.  10.5).  This  still  leaves  1  in  4  (25.0%)  who
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Fig.  10.4  Per  ception  of  ‘no  benefits’  fr  om  AI  use  by  police  acr  oss  deployment
 ar  eas  (adapted  fr  om:  Bayerl  et  al.  [  1])
 

distr  usted  AI  for  decision  suppor  t  and  1  in  5  (20.2%)  who  wer  e  neutral
 about  the  issue.  Public  tr  ust  was  considerably  lower  when  AI  is  allowed
 to  make  its  own  decisions  for  policing  tasks:  only  36%  tr  usted  AI  to  make
 its  own  decisions  (9.4%  of  these  ‘ver  y  much’),  compar  ed  to  39.7%  who
 distr  ust  AI-driven  decisions  (15.5%  ‘ver  y  much’;  24.3%  ‘neutral’). 

As  an  additional  measur  e  of  tr  ust,  we  fur  ther  asked  how  willing
 someone  would  be  to  pr  ovide  their  own  personal  infor  mation  to  train
 AI  for  policing  and  security  purposes.  The question  r  eveals  a  high  level
 of  unwillingness  or  at  least  uncer  tainty:  40%  would  be  (ver  y)  unwilling  to
 pr  ovide  their  personal  infor  mation  for  AI  training,  while  29%  wer  e  unsur  e
 (cp.  Fig.  10.6).  This  leaves  a  ver  y  small  gr  oup  of  9.3%  who  would  be  ‘ver  y
 

Fig.  10.5  Tr  ust  in  police  using  AI  (adapted  fr  om:  Bayerl  et  al.  [  1])
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Fig.  10.6  W  illingness  to  pr  ovide  personal  data  for  training  of  policing  AI
 systems  (adapted  fr  om:  Bayerl  et  al.  [  1])
 

willing’  to  pr  ovide  their  infor  mation.  Working  in  a  security-r  elated  pr  ofes
 sion  incr  eased  the  willingness  to  pr  ovide  data  to  some  extent:  43.9%  in
 this  gr  oup  would  be  willing  to  pr  ovide  their  own  data  for  the  training  of
 police  AI  (15.5%  of  these  ver  y  willing),  compar  ed  to  31.3%  who  ar  e  not
 linked  to  a  security-r  elated  pr  ofession  (with  9.2%  of  these  ver  y  willing).
 

10.3.4  Public  Reactions  to  Dif  fer  ent  AI  Deployment  Scenarios 

As  the  section  on  specific  benefits  demonstrates  (Sect.  10.3.2.2),  public
 attitudes  ar  e  impacted  by  the  specific  purpose  for  which  the  police  deploy
 their  AI  capabilities.  As  par  t  of  the  consultation,  we  ther  efor  e  included
 32  disparate  AI  deployment  scenarios  to  map  out  systematic  variations  in
 public r  eactions.
 

The  32  scenarios  cover  ed  existing  as  well  as  possible  (futur  e)  AI  uses
 in  policing  and  security.  The  purposes  varied  with  r  espect  to  their  deploy
 ment  ar  ea  (e.g.  migration,  child  sexual  exploitation,  counter-ter  r  orism,
 burglar  y,  for  ensics,  etc.),  the  deploying  organisation  (police,  UK  Home
 Of  fice,  UK  Bor  der  For  ces),  their  purpose  (crime  pr  evention,  crime
 investigation  including  the  identification  of  perpetrators,  inter  nal  police
 ef  ficiencies,  etc.)  and  the  risk  level  for  privacy  intr  usions  (low  vs.  high).
 The  full  list  of  AI  deployment  scenarios  is  pr  ovided  in  Table  10.2.  

For  each  deployment  scenario  we  assessed:
 

• its  general  acceptability,
 

• the  degr  ee  to  which  AI  is  tr  usted  in  this  context,
 

• the  expected  level  of  monitoring  by  an  independent  oversight  body.
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Table  10.2  List  of  AI  deployment  scenarios
 

Scenario  1:  Reviewing  evidence  and  pr  oducing  a  case  file  ar  e  traditionally  done
 manually  by  police  of  ficers.  Your  local  police  for  ce  uses  an  AI  tool  to  automatically
 r  eview  the  evidence  and  to  pr  oduce  a  case  file  summar  y.  The  AI-generated  case
 summaries  ar  e  used  by  solicitors  to  decide  whether  to  charge  someone  with  a  crime.  

Scenario  2:  To  pr  event  small  boat  cr  ossings  fr  om  France  to  UK,  UK  bor  der  for  ces  use
 AI  sensors  to  flag  up  potential  cr  ossings  in  France.  The  sensors  automatically  notify
 UK  bor  der  for  ces  to  inter  cept  the  boats  and  pr  event  them  fr  om  landing  in  the  UK.  

Scenario  3:  UK  bor  der  police  uses  AI  to  investigate  the  online  footprint  of  all  for  eign
 citizens  who  come  thr  ough  British  bor  ders.  The  automatic  scan  flags  up  any
 indications  of  criminal/ter  r  orist  activities  or  communication  online  to  identify  potential
 hostile  intent  against  UK  and  impact  decisions  whether  a  person  can  enter  the  countr  y. 

Scenario  4:  Your  local  police  for  ce  uses  an  AI-driven  r  obot  community  policing  of  ficer
 to  autonomously  patr  ol  your  neighbourhood  and  ar  eas  associated  with  high  crime.  If
 the  r  obot  identifies  a  potentially  critical  situation,  it  will  contact  the  closest  police
 station  or  other  emergency  ser  vices.  

Scenario  5:  Your  local  police  is  awar  e  that  a  child  is  at  risk  of  sexual  exploitation.  A
 fast-food  r  estaurant  handed  over  CCTV  pictur  es  of  a  meeting  between  the  child  and
 an  unknown  adult.  The  police  places  smar  t  cameras  in  the  ar  ea  that  scans  people’s
 faces  to  find  the  adult  involved.  

Scenario  6:  Investigating  child  sexual  abuse  material  causes  psychological  str  ess  and
 mental  health  issues  in  many  of  ficers.  Your  local  police  for  ce  deploys  an  AI  tool  to
 scan  images/videos  of  child  sexual  abuse.  The  AI  tool  automatically  assigns  grades  of
 severity  of  the  abuse  safeguar  ding  of  ficers  fr  om  viewing  the  material.  

Scenario  7:  AI  tools  ar  e  incr  easingly  used  to  generate  large  quantities  of  child  sexual
 abuse  material.  This  poses  a  pr  oblem  for  police,  as  they  do  not  know  whether  the
 childr  en,  they  ar  e  tr  ying  to  identify,  ar  e  r  eal  or  AI  generated.  Your  local  police
 intr  oduce  an  AI  tool  to  identify  whether  an  image/video  is  AI  generated,  so  police  can
 focus  their  ef  for  ts  on  helping  r  eal  victims. 

Scenario  8:  Your  local  police  for  ce  uses  an  AI  tool  that  scans  social  media  for  signs  of
 impending  ter  r  orist  attacks  in  your  city.  The  AI  cr  eates  aler  ts  for  police  to  star  t  dir  ect
 sur  veillance  of  suspects,  or  in  case  of  an  immediate  thr  eat,  police  r  eceive  an  automatic
 r  equest  to  ar  r  est  them.  

Scenario  9:  Your  local  police  for  ce  uses  an  AI  tool  that  scans  social  media  for  signs  of
 serious  and  organised  crime.  This  includes  people  adver  tising  dr  ugs  for  sale,  evidence
 of  fir  earms  use  and  human  traf  ficking.  AI  helps  the  police  to  identify  the  perpetrators
 and  to  safeguar  d  victims. 

Scenario  10:  An  airpor  t  uses  an  AI  trained  on  gait  analysis  to  identify  unusual
 behaviours,  such  as  ner  vousness,  hesitation  or  er  ratic  movements  that  could  indicate
 ter  r  orist  intent.  Any  war  ning  markers  ar  e  sent  to  airpor  t  security  and  police  to  initiate
 a  r  esponse.  

Scenario  11:  Your  local  police  for  ce  is  investigating  a  burglar  y.  Ver  y  little  evidence  has
 been  r  ecover  ed,  but  for  ensics  of  ficers  identified a  par  tial  fingerprint.  The  police  for  ce
 uses  AI  to  enhance  the  print  to  then  sear  ch  for  matches  in  a  national  fingerprint
 database.  

(continued) 
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Table  10.2  (continued)
 

Scenario  12:  a  police  for  ce  uses  an  AI  tool  to  analyse  DNA  samples  fr  om  cold  cases.
 The  AI  tool  uses  pr  edictive  analysis  to  r  econstr  uct  missing  sequences  of  par  tial  DNA
 pr  ofiles,  which  the  police  for  ce  uses  to  sear  ch  for  matches  in  a  national  DNA  database 

Scenario  13:  Your  local  police  for  ce  uses  an  AI  tool  to  speed  up  their  investigations
 into  digital  devices  such  as  mobile  phones.  When  a  phone  is  seized  fr  om  a  suspect,  the
 AI  sear  ches  the  phone  to  quickly  assess  location  data,  images,  r  ecor  ds  of  phone  calls
 and  the  content  of  text  communication  that  may  be  r  elevant  to  the  case 

Scenario  14:  Your  local  police  for  ce  uses  an  AI  tool  to  scan  online  pr  ofiles  of  local
 gr  oups  for  evidence of  hate  speech  (e.g.  violence  against  vulnerable communities  or
 people  based  on  race,  ethnicity,  gender,  r  eligion  or  sexual  orientation).  The  AI
 identifies  individuals  that  seem  to  post  hate  speech  and  flags  them  for  fur  ther
 investigation 

Scenario  15:  AI-generated  content  of  politicians,  actors  and  other  celebrities
 (deepfakes)  ar  e  being  used  to  spr  ead  false  infor  mation  and  encouraging  public  disor  der
 or  hate.  Your  local  police  for  ce  uses  AI  investigation  tools  to  automatically  identify  the
 cr  eators  of  AI-generated  deepfake  videos  to  pr  event  fur  ther  spr  ead  of  disinfor  mation 

Scenario  16:  The  cour  ts  use  AI  to  speed  up  the  justice  pr  ocess.  The  AI  decides
 whether  charged  suspects  should  be  bailed  by  the  cour  t  or  be  r  emanded  in  prison  and
 also  calculates  sentences  for  those  found  guilty 

Scenario  17:  The  Home  Of  fice  deploys  an  AI  to  speed  up  decisions  r  egar  ding  early
 r  elease  of  prisoners.  The  AI  r  eviews  applications  made  by  prisoners  and  decides,
 whether  they  can  ser  ve  the  r  emainder  of  their  sentence  in  the  community  

Scenario  18:  The  Home  Of  fice  uses  an  AI-based  visa  and  immigration  system  to  make
 decisions  mor  e  quickly.  The  AI  automatically  assesses  visa  and  settlement  applications
 and  decides  on  r  ejection  of  unsuitable  applicants  

Scenario  19:  UK  security  ser  vices  use  AI  to  detect  insider  thr  eats  to  the  security  of
 national  infrastr  uctur  e.  They specifically  aim  to  pr  otect  water  and  electricity  supply  as
 well  as  nuclear  r  eactions  fr  om  for  eign  hostile  actors  

Scenario  20:  Your  local  police  for  ce  uses  an  AI  system  to  automate  the  pur  chase  of
 unifor  ms  and  similar  items  to  fr  ee  up  police  time.  The  AI  system  identifies  low  stock
 levels,  assesses  the  suitability  of  an  item  of  fer  ed  for  sale  and  dir  ectly  submits  a  pur  chase
 or  der  to  the  company 

Scenario  21:  Befor  e  a  demonstration,  your  local  police  use  AI  capabilities  to  monitor
 social  media  feeds  for  signs  of  potential  intent  of  violence  or  crimes.  People  who  ar  e
 flagged  up  ar  e  pr  evented  fr  om  joining  the  pr  otest  

Scenario  22:  During  a  demonstration,  your  local  police  use  AI-based  sensors  to
 automatically  identify  locations  wher  e  unr  est  may  br  eak  out  and  lead  to  violence.  If  the
 sensors  detect  potentially  pr  oblematic  patter  ns,  the  AI  system  automatically  dir  ect
 police  r  esour  ces  to  these  ar  eas  

Scenario  23:  Your  local  police  for  ce  uses  an  AI  system  to  take  emergency  999  calls.
 The  AI  interacts  with  the  caller  and  decides  whether  and  when  to  dispatch  r  esponse
 of  ficers  

(continued) 
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Table  10.2  (continued)
 

Scenario  24:  a  case  of  shoplifting  at  a  large  super  market  in  your  ar  ea  has  been
 r  epor  ted  to  the  police.  The  stolen  items  ar  e  wor  th  just  under  £100.  The  super  market
 has  handed  over  pictur  es  of  its  sur  veillance  camera  to  your  local  police  for  ce.  The
 police  r  un  AI-based  facial  r  ecognition  on  the  pictur  es  to  identify  potential  suspects  

Scenario  25:  a  disused  war  ehouse  in  your  ar  ea  is  suspected  to  be  used  to  stor  e  both
 weapons  and  dr  ugs  for  an  organised  crime  gr  oup.  A  nearby  sur  veillance  camera  has
 captur  ed  a  facial  image  of  an  individual  fr  equently  leaving  with  packages.  The  police
 set  up  an  AI-based  live  facial  r  ecognition  system  to  identify  the  person  in  r  eal  time 

Scenario  26:  When  on  the  beat,  of  ficers  in  your  local  police  for  ce  use  smar  t  glasses
 that  access  infor  mation  about  people  on  the  str  eet  in  r  eal  time.  If  the  AI  flags  up
 concer  ns  about  a  person,  the  of  ficers  initiate  a  stop-and-sear  ch  

Scenario  27:  Your  local  police  for  ce  uses  an  AI  system  to  take  non-emergency  101
 calls.  The  AI  interacts  with  the  caller  and  pr  ovides  advice  to  their  queries  

Scenario  28:  Police  training  pr  ogrammes  in  your  local  police  utilise  AI  to  generate
 r  ealistic  training  scenarios.  Police  students  lear  n  thr  ough  interaction  with  highly
 convincing  AI-contr  olled  vir  tual  witnesses,  victims,  or  suspects  

Scenario  29:  Your  local  police  for  ce  uses  an  AI-assisted  system  while  inter  viewing
 suspects.  The  AI  analyses  wor  ds,  micr  o-expr  essions  and  tone  of  voice  of  suspects  to
 assess  cr  edibility  and  to  pr  ovide  investigators  with  guidance  for  questioning 

Scenario  30:  Your  local  police  for  ce  uses  an  AI  system  to  scan  social  media  pr  ofiles  of
 police  of  ficers.  The  AI  automatically  flags  up  of  ficers  potentially  acting
 dispr  opor  tionately  or  exhibiting  racist,  discriminator  y,  or  other  wise  pr  oblematic
 behaviour 

Scenario  31:  Your  local  police  for  ce  uses  AI  to  analyse  police  r  ecor  ds,  social  media  and
 publicly  available  data  for  indications  of  domestic  violence  to  r  ecommend  pr  eventive
 inter  ventions  for  potential  victims  

Scenario  32:  Your  local  police  for  ce  deploys  automated,  AI-contr  olled  police  vehicles
 that  autonomously  patr  ol  ar  eas  and  independently  identify  and  r  epor  t  suspicious
 activities,  traf  fic  violations  and  accidents 

10.3.4.1  Acceptance  Levels  across  Usage  Situations 

The  comparison  acr  oss  scenarios  demonstrates  how  str  ongly  public  r  eac
 tions  ar  e  influenced  by  the  type  of  AI  deployment  situation.  The  lowest
 levels  of  acceptance  wer  e  found  for  AI-automated  999  emergency  calls
 (scenario 23)  and  automated  decisions  about the  early  r  elease  of  crim
 inal  suspects  and  prisoners  (scenario  16)  with  only  27.4%  and  29.3%  in
 the  sample  indicating  some  or  str  ong  acceptance.  In  contrast,  the  highest
 levels  of  acceptance  wer  e  obser  ved  for  AI  use  to  identify  (potential)  perpe
 trators  of  child  sexual  exploitation  (62.4%;  scenario  5),  perpetrators  of
 shoplifting  in  a  neighbourhood  stor  e  (58.7%;  scenario  24)  and  (poten
 tial)  ter  r  orists  cr  ossing  UK bor  ders  (58.0%;  scenario  3).  These  findings
 



 10  SOCIETAL  EXPECTATIONS  FOR  AI  DEPLOYMENTS  …  189 

suggest  that  the  identification  of  potential  suspects  is  one  of  the  purposes
 wher  e  AI  finds  most  acceptance.
 

10.3.4.2  Tr  ust  Levels  across  Usage  Situations 

Considerable  variation  in  opinions  can also  be  obser  ved  for  the  level  of
 tr  ust  in  AI  use  by  policing.  Again,  tr  ust  was  lowest  wher  e  AI  may  cause
 dir  ect  har  ms  to  individuals  themselves,  for  instance,  wher  e  AI  r  eplaces
 999  dispatchers  (26.3%;  scenario  23)  or  wher  e  AI  makes  decisions  about
 an  early  r  elease  of  prisoners  (26.6%;  scenario  16).  Scenarios  with  low  tr  ust
 and  low  acceptance  levels  wer  e  thus  closely  linked.
 

In  contrast,  the  highest  degr  ee  of  public  tr  ust  emerged  for  using  AI
 to  impr  ove  the  administrative  ef  ficiency  of  police  for  ces  by  automating
 the  pur  chase  of  police  unifor  ms  (54.5%;  scenario  20)  but  also  again  for
 the  pr  otection  of  a  child  fr  om  sexual  exploitation  (53.2%;  scenario  5).
 This  seems  to  indicate  that  tr  ust  in  police  use  of  AI  is  highest  both  for
 situations  in  which  AI  deployments  car  r  y  low  risks  for  the  public  and  for
 situations  in  which  AI  can  r  educe  serious  har  ms  to  vulnerable  gr  oups.  It  is
 wor  th  noting,  however,  that  even  the  highest  tr  ust  levels  ar  e  only  slightly
 above  50%,  indicating  a  limited  degr  ee  of  tr  ust  in  AI  use  by  police  overall
 for  specific  usage  scenarios.
 

10.3.4.3  Need  for  Independent  Oversight 

The  context  also  af  fects  the  degr  ee  to  which  the  public  expects  moni
 toring  by  an  independent  body  for  each  AI  deployment.  The  str  ongest
 need  for  independent  oversight  emerged  for  scenarios  in  which  AI  makes
 its  own  decisions  in  high-risk  situations  (e.g.  when  AI  is  used  to  auto
 matically  r  eview  evidence  (63.7%;  scenario  1)  or  to  automatically  identify
 AI-generated child  sexual  exploitation  material  (62.1%;  scenario  7)).  The
 lowest  need  for  independent  oversight  was  found  for  the  pur  chase  of
 unifor  ms  (36.7%;  scenario  20)  and  the  deployment  of  AI  sensors  during
 demonstrations  to  dir  ect  police  r  esour  ces  (45.2%;  scenario  22).
 

10.3.4.4  Links  Between  Acceptance,  Tr  ust  and  Independent
 Oversight 

When  comparing  acceptance,  tr  ust  and  need  for  oversight,  it  is  clear  that
 oversight  by  independent  bodies  is  a  br  oadly  shar  ed  concer  n,  independent
 of  acceptance  and  tr  ust.
 

As  may  be  expected,  r  esults  show  str  ong  expectations  for  independent
 oversight  in  situations  with  low  tr  ust  and  acceptance  (e.g.  scenario  23  in
 



190  P.  S.  BAYERL  

which  an  AI  system  takes  emergency  999  calls  or  scenario  17  in  which
 AI  is  deployed  to  speed  up  decisions  r  egar  ding  the  early  r  elease  of  pris
 oners).  However,  independent  oversight  is  also  expected  in  scenarios  that
 show  considerable  levels  of  tr  ust  and  acceptance  (e.g.  scenario  7  in  which
 an  AI  tool  identifies  whether  a  CSAM  image/video  is  AI  generated).
 Monitoring  by  an  independent  oversight  body  is  thus  not  only  needed
 in  situations  of  low  public  acceptance  or  tr  ust  but  expected  by  the  public
 whenever  police  deploy  AI.
 

10.3.5  The  Role  of  AI  Accountability  for  Public  Tr  ust 

The  impor  tance  of  independent  oversight  together  with  concer  ns  about
 negative  AI  consequences  and  of  police  ‘passing  blame  to  AI  if  something
 goes  wr  ong’  points  to  questions  of  accountability  and  tr  ust  in  policing
 organisations.
 

Asked  dir  ectly,  how  much  they  would  tr  ust  police  to  use  AI  account
 ably,  slightly  over  50%  indicated  they  would  (16.3%  of  these  ver  y  much).
 This  leaves  1  in  5  (21.1%)  who  wer  e  neutral  on  the  issue  and  1  in  4
 (25.6%)  who  indicated  distr  ust  in  police  to  use  AI  accountably.
 

To  get  a  better  understanding  of  how  to  impr  ove  tr  ust  in  AI  policing,
 we  pr  ovided  five  measur  es  that  ar  e  commonly  pr  oposed  as  safeguar  ds  (see
 Fig.  10.7).  Explainability  and  justification  emerged  as  the  least  ef  fective
 measur  e  fr  om  the  public’s  perspective:  39.0%  of  r  espondents  signalled
 that  this  would  give  them  only  slight  tr  ust  or  no  tr  ust  at  all  (cp.  Fig.  10.7).
 This  is  higher  than  the  30.4%  who  indicated  that  this  measur  e  would  give
 them  considerable  or  even  ver  y  high  tr  ust.  Compensation  and  redress  far  ed
 slightly  better  (33.3%  considerable/ver  y  high  tr  ust  vs.  35.5%  limited/no
 tr  ust),  as  did  enfor  cement  of  changes  to  the  AI  system  in  cases  wher  e  the
 police  use  of  AI  leads  to  negative  consequences  (33.4%  considerable/ver  y
 high  tr  ust  vs.  35.2%  limited/no  tr  ust).  The  most  ef  fective  measur  es,  and
 the  only  ones  wher  e  ‘tr  ust’  per  centages  wer  e  higher  than those  for  ‘no
 tr  ust’,  wer  e  the  close  monitoring  of  AI  use  and  ef  fective  accountability
 (38.5%  and  40.0%,  r  espectively).  Thus,  none  of  the  five  common  tr  ust
 measur  es  may  be  able  to  instil  tr  ust  by  themselves;  however,  the  r  esults
 do  give  indications  to  public  pr  efer  ences  for  assurance  measur  es. 

In  this  context  it  is  compelling  that  75.5%  of  the  public  wanted  a
 mandator  y  accountability  pr  ocess  befor  e  the  police  deploy  AI.  However,
 less  than  20%  of  the  public  thought  that  AI  accountability  in  policing  is
 suf  ficiently  established  at  this  moment  (cp.  Fig.  10.8).  
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Fig.  10.7  Degr  ee  of  tr  ust  due  to  dif  fer  ent  accountability  measur  es  (adapted
 fr  om:  Bayerl  et  al.  [  1])
 

Fig.  10.8  Per  ceptions  of  cur  r  ent  and  r  equir  ed  AI  accountability  (adapted  fr  om:
 Bayerl  et  al.  [  1])
 

10.4  Implications  for  AI  Deployments  

Results  overall  show  that  a  majority  of  the  UK  public  suppor  ts  AI  in
 policing,  par  ticularly  wher  e  it  enhances  the  ef  fectiveness  of  policing  and
 addr  esses  serious  har  ms  such  as  child  sexual  exploitation  and  ter  r  orism.
 In  the  same  r  egar  d,  findings  suggest  that  AI  should  be  used  to  suppor  t
 (human)  decision-making,  as  tr  ust  dr  ops  sharply  when  AI  is  expected
 to  operate  autonomously  in  making  policing  decisions.  This  may  be
 explained  by  the  fact  public  concer  ns  centr  e  ar  ound  accountability  gaps,
 such  as  a  fear  that  police  ‘will  blame  AI’  if  decisions  go  wr  ong  and
 the  view  that  accountability  is  cur  r  ently  (somewhat  to  totally)  lacking.
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Accor  dingly,  ther  e  is  a  widely  shar  ed  expectation  of  independent  over
 sight,  even  for  deployments  with  high  levels  of  acceptance.  Independent
 oversight  thus  must  be  universal—with  an  expectation  of  mandator  y
 accountability  checks  befor  e  AI  deployments.
 

The  consultation  thus  gives  impor  tant  guidance  on  citizen  expectations
 on  how  to  appr  oach  and  implement  AI  use  in  policing.  Policing  should,
 as  a  minimum: 

• Establish  statutor  y,  independent  oversight  and  accountability  mech
 anisms. 

• Enfor  ce  mandator  y  pr  e-deployment  r  eviews  and  bias  testing.
 

• Str  engthen  transpar  ency  and  citizen  engagement  to  maintain  legiti
 macy.

 

• Apply  a  tier  ed  risk-based  deployment  model,  prioritising  crime
 solving  and  child  pr  otection,  while  r  estricting  high-risk  uses  such  as
 AI-led  999  triage  and  prisoner  r  elease.

 

Together,  these  measur  es  will  cr  eate  an  ‘accountability-first’  AI  model,
 which  can  har  ness  AI’s  benefits  for  policing  while  suppor  ting  public
 acceptance  and  tr  ust.  The  following  section  pr  ovides  detailed  r  ecommen
 dations  on  how  to  achieve  accountable  AI  deployments  in  policing  in  line
 with  public  expectations.
 

10.4.1  Recommendations  for  AI  Deployments  in  Policing  to  Ensur  e
 AI  Accountability  and  Suppor  t  Public  Tr  ust 

10.4.1.1  Measures  for  Gover  nance  and  Oversight 

• Cr  eate  a  statutor  y  AI  Oversight  Authority  for  policing  and  security
 that  is  independent  fr  om  policing  and  law  enfor  cement,  with  powers
 to  monitor,  audit  and  sanction  the  impr  oper  use  of  AI.

 

• Mandate  pr  e-deployment  accountability  r  eviews  for  all  AI  systems,
 including  tests  for  fair  ness,  r  eliability  and  pr  opor  tionality.

 

• Requir  e  r  egular  post-deployment  audits  and  publish  findings  to
 appr  opriate  authorities  and  oversight  bodies.

 

• Build  cr  oss-institutional  coor  dination  to  avoid  siloed  r  egulation.
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10.4.1.2  Measures  for  Enshrining  Accountability
 and  Responsibility  

• Intr  oduce  a  national  framework,  modelled  on  Ombudsman-style
 appr  oaches,  that  r  egulates  r  edr  ess  and  compensation  when  AI  er  r  ors
 cause  er  r  ors  or  har  m. 

• Requir  e  r  ecor  d-keeping  (‘AI  decision  logs’)  for  all  uses  in  critical
 policing  tasks  to  ensur  e  the  traceability  for  cour  ts,  oversight  bodies
 and  citizens. 

• Caution  against  the  transfer  of  ‘blame’  fr  om  police  to  AI  systems;
 ensur  e  accountability  always  r  ests  with  the  pr  ovider  and/or  user
 deploying  the  AI.

 

10.4.1.3  Measures  to  Improve  Transparency  and  Public
 Communication  

• Implement  Transpar  ency-by-Default  r  equiring  police  for  ces  to
 disclose  wher  e,  why  and  how  AI  is  being  deployed,  including  details
 of  training  data  sour  ces  (under  consideration  of  operation/legal
 r  estrictions  such  as  national  security  or  victim  pr  otection).

 

• Pr  oduce  plain-language  impact  assessments  for  each  AI  deployment
 that  ar  e  available  to  the  public  (under  consideration  of  operation/
 legal  r  estrictions).

 

• Ensur  e  public  awar  eness  of  AI  deployments  by  clarifying  benefits,
 risks  and  limits  of  AI  in  policing  to  counter  misinfor  mation.

 

10.4.1.4  Measures  for  Deployment  and  Risk  Management 

• Implement  a  tier  ed  deployment  model:
 

– Light  oversight  for  low-risk  ef  ficiency  AI  (e.g.  logistics,
 scheduling,  admin).

 

– Monitoring  with  human-in-the-loop  for  medium-risk  opera
 tional  AI  (e.g.  crime  patter  n  analysis,  for  ensics  suppor  t,  life
 facial  r  ecognition).

 

– Tight  r  estriction  or  pr  ohibition  for  high-risk  decision  AI  (e.g.
 sentencing,  prisoner  r  elease,  emergency  call  triage).

 

• Requir  e  final  human  decision-making  for  any  system  that  af  fects
 liber  ty,  safety,  rights  (e.g.  detention,  bail,  sur  veillance)  or  complaints.
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• Review  AI  uses  with  low  public  acceptance  and  high  risk  (e.g.
 AI  r  eplacing  999  operators,  autonomous  patr  ol  r  obots)  to  ensur  e
 benefits  outweigh  the  risks.

 

10.4.1.5  Measures  to  Remove/Mitigate  Biases  and  Ensure  Fair  ness
 and  Equality  

• Requir  e  bias  testing  acr  oss  demographic  gr  oups  befor  e  AI  pr  ocur  e
 ment  and  during  AI  deployment.

 

• Establish  documentation  of  any  known  biases  and,  wher  e  r  equir  ed,
 ensur  e  appr  opriate  mitigation  measur  es.

 

• Establish  citizen-infor  med  fair  ness  benchmarks,  especially  wher  e
 vulnerable  or  historically  over-policed  gr  oups  ar  e  involved.

 

• Ensur  e  the  independent  testing  of  systems  befor  e  appr  oval.
 

• Mandate  r  egular  Equality  Impact  Assessments  for  AI  tools  in  use.
 

10.4.1.6  Measure  for  Privacy  and  Data  Protection 

• Intr  oduce  a  ‘necessity  and  pr  opor  tionality  test’  befor  e  deploying
 AI  with  large-scale  data collection  fr  om  the  public  (e.g.  facial
 r  ecognition,  social  media  monitoring).

 

• Requir  e  data  minimisation  and  purpose  limitation  in  AI  deploy
 ments,  aligned  with  GDPR  and  r  elevant  national  r  egulations.

 

10.4.1.7  Measure  for  Improved  Citizen  Engagement
 and  Tr  ust-Building 

• Establish  citizen  panels  or  advisor  y  councils  on  AI  policing  to
 pr  ovide  continuous  input  into  gover  nance.

 

• Institutionalise  r  egular  citizen  consultations  at  national  and  r  egional
 levels  to  captur  e  evolving  public  sentiment.

 

• Ensur  e  citizen consultations  comprise  a  compr  ehensive  spectr  um  of
 citizen  demographics  and captur  e  subgr  oup-specific  benefit  expecta
 tions,  as  well  as  subgr  oup-specific  concer  ns.

 

• Incorporate  youth  perspectives  into  AI  accountability  debates,
 r  ecognising  generational  dif  fer  ences  in  tr  ust.
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10.4.1.8  Measures  for  Capacity  Building  and  Training 

• Pr  ovide  specialist  AI  literacy  training  for  of  ficers  and  staf  f  to  ensur  e
 they  understand  system  limits  and  ethical  considerations.

 

• Develop  cr  oss-disciplinar  y  training  for  oversight  bodies  (law,  ethics,
 data  science,  human  rights)  with  a  specific  focus  on  AI  account
 ability.

 

• Build  a  central  AI  in  Policing  Knowledge  Hub  for  sharing  best  prac
 tices,  r  ed  flags  and  audit  r  esults  acr  oss  police  for  ces  and  connected
 stakeholders. 
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