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Kooth Projects




Kooth Overview “ kKooth . .

Kooth is a digital counselling and support platform
for children and young people (CYP) aged between &4
11-25 years old Qwell is a digital counselling and |
support platform for Adults over 18

Anonymous at point of entry



Kooth Overview

Drop-in/Scheduled
Chats with
practitioners

Message Boards

|
' & kooth.com

How can | help you
today@?
I've been feeling
lonely lately
Thank you for
sharing, let's chat
about that today...




Kooth Projects

Moderation
Automation

Session Wants and
NEET




More understanding
the problem

More time chatting




Tech Stack
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Roles Within
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Kooth Takeaways “ kooth
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Assisted moderation ~

Assisted moderation aims to improve responsiveness to service
users and efficiency of moderator workflows by automating

detection of low risk posts and enriching post data.

® Moderation

Automation




Process of detecting risk level of posts and highlight high risk phrases within
the text

Journal Assisted Moderation Tool

Journal Assisted Moderation

1. Estimates whether journal posts need further moderator review
2. Highlights high risk phrases within journal text

No further
_ | | revie
‘[ Assisted W
— [ Mo dera
— E—— tion | J Moderator ]
— — ) { review
Decides based on a
Journal

confidence threshold Highlighted
posts posts



Assisted moderation ~

The following functionalities are being explored within Data Science:

o Identification of low risk posts that do not need further review from a
moderator

Highlighting high risk phrases in posts to assist with long form
moderation

® Moderation

Automation




Assisted moderation — The Bigger Picture

« A tool for managing moderation workflows. This

« tool will improve usability, prioritise posts,
provide context to posts and improve tracking of
moderation activity for auditing and escalation.

Moderation

Automation




count

12000

10000 1

BOO0O 4

4000 1

2000 4

Real Life Challenges and Experience

Data Imbalance Model Exploration

BERT RoBERTa PHASE

SVM ELMo EmoNet

need review




Next Steps for AM

Work with the data engineering and product team to trial the

RoBERTa model in production Spend time with the 0
|

moderation team to understand their Expectations

. 2z
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Data
Kooth adult data from May ‘19 - July 22

Service users: 2909, chats: 7254.

Ob ject iv es
1 Explore how NLP can be used to extract
outcomes of users from single sessions

Pinpoint the challenges associated with
detecting wants and needs of users through NLP

Co-design Adult SWAN-OM using NLP outputs
3 with service users, clinical and service delivery

People with lived
experience

Clinicians/Practitioners

Researchers




Transcript data generated
via the Qwell platform

Research Steps | el |
Gather transcript data and labelled outcomes prpin. b=
siiiTieatona
Supervised learning stage: learn the textual features that e g Research  Chat>8  Completed
predict good EOS outcomes, then highlight different wants ‘a
and needs = C‘:‘\%
Unsupervised learning stage: filter text to only look at
phrases that link to good EQOS scores, then extract these l
topics to create an initial list of potential measure items Modelling Process A P
Consult with SUs and Experts to determine if the items we  RoBERTa Case  Toxenization  REMOVINg
have generated are useful when a SU is engaging in a single TopioModd o e SIS

session? Q




TABLE 3 Finalised items selected from the expert workshops.

Item #

Item 1

Item 2
Item 3
Iltem 4
Item 5

Item 6
Item 7

Item 8

Item 9
Item 10
Item 11

Item 12

Statement pre-chat

Discuss and explore how to improve
a specific relationship

Learn about coping strategies
Feel heard or understood
Build my support system

Learn how to become more
accepting of myself

Help with grieving a loss

Understand how my physical and
mental health could be linked

Understand what my values are and
how they could shape my actions

Work through a specific problem
Feel calmer

Talk about my story or my concerns
with someone who is not
judgemental

Begin to understand unhelpful
patterns of behaviour and how to
change them

Statement post-chat

| have discussed and explored how to
improve a specific relationship

| learned about coping strategies
| felt heard and understood
I have found ways to build my support system

| have learnt how to become more accepting
of myself

I had help with grieving a loss

| understand how my physical and mental
health could be linked

I now understand what my values are and
how they could shape my actions

| worked through a specific problem
| feel calmer

| have been able to talk about my story or
my concerns with someone who is not
judgemental

| have begun to understand unhelpful
patterns of behaviour and how to change
them

I-CVl relevance

0.71

0.83

0.83

0.83

0.86
0.83

0.91

I1-CVI clarity
0.83

0.83
0.83

0.66

0.83

0.83
0.83
0.66

0.86



Real-world Contextualisation and Skills Learned

r

- _
Responsible Research in the real world -

- ==
mental health data is sensitive — it is not just data it is people



Questions?
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