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ABSTRACT

The integration of artificial intelligence (AI) is reshaping the mechanisms by which firms operate. To better understand this inte-
gration, this study aimed to answer how entrepreneurs' belief systems and mental frameworks shape their intention to AT adoption,
particularly within an ecosystem, where firms are characterized by bricolage. With a focus on the Information and Communications
Technology (ICT) ecosystem (i.e., a vanguard in embracing AI), we propose a rhetoric theoretical framework of entrepreneurial cog-
nition, resource mobilization from the ecosystem, and bricolage. Grounded in the social cognitive theory, we investigate 236 firms op-
erating in the ICT sector in Bangladesh using structural equation modeling. Key findings from our study evident the positive impact
of entrepreneurial cognition on firms' inclination towards AI adoption. Intriguingly, this relationship is further strengthened when
entrepreneurial cognition is coupled with the mobilization of resources within the ecosystem. In the context of an emerging economy
like Bangladesh, the principle of bricolage also plays a crucial role in overcoming resource constraints through resourcefulness and
creativity. The research concludes with implications for policymakers and suggestions for future studies.

1 | Introduction isolated event; it warrants a profound transformation in the way

entrepreneurs think and make strategic decisions (Obschonka

Due to the technological breakthroughs in recent times, firms
are keen to adopt different advanced digital technologies to de-
sign new data-driven product/service offerings and enhance
business models (Soluk et al. 2021). Of different advanced digi-
tal technologies, in recent times, artificial intelligence (AI)! has
proven to be a powerful enabler for firms to scale operations
by leveraging its benefits and to be successful in the long run
(Chalmers et al. 2021)—a technological breakthrough in the dig-
ital space that is changing the ways in which organizations op-
erate and deal with emerging challenges (Li et al. 2021; Lokuge
et al. 2019). However, this technological shift is not just an

et al. 2024), which is a requirement of significant resource com-
mitment to AI's adoption. A recent survey by McKinsey and
Co (2023) reveals the explosive growth and use of AI tools by
individuals around the world. In tandem, research on AI has
increased significantly in recent years to enrich knowledge of
the technological aspect and economic outcomes of AI usage
(Chalmers et al. 2021; Lévesque et al. 2022). What existing liter-
ature seems to overlook is the prerequisites and enablers for AT
adoption (Kinkel et al. 2022; Kemp 2024). In particular, despite
the growing importance of AI adoption among entrepreneur-
ial firms (Kyprianou et al. 2024; Uriarte et al. 2025), scholars
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remain silent, offering critical nausea on entrepreneurial deter-
minants of advanced technology adoption intention. What pre-
vails within the innovation, marketing, and IT literature are the
drivers of customer's behavioral intentions’ toward adopting a
range of advanced technologies, such as internet banking, cloud
computing and other personal technologies (see, e.g., Bettiga
and Lamberti 2017; Boateng et al. 2016; Ratten 2013) and lacks
a critical investigation of how entrepreneurs’ characteristics
(i.e., cognition—mental models and belief system) shape their
approach towards embracing AI technologies (Townsend and
Hunt 2019).

We address this critical research gap by addressing the follow-
ing question: to what extent does entrepreneurial cognition influ-
ence the adoption of AI? Advancing the knowledge on cognitive
underpinnings is so critical to illuminate why some entrepre-
neurs are more adept at integrating AI, while others are hesitant
or failed to do so effectively—given that the benefit of adopting
Al is not an uncanny charter. Mitchell et al. (2002) define entre-
preneurial cognition as “the knowledge structures that people
use to make assessments, judgments, or decisions involving op-
portunity evaluation and venture creation and growth” (97). It
is also required to quickly adapt to changing market conditions,
identify and pursue new opportunities, overcome challenges
(Shepherd and Patzelt 2018), and adopt new strategies (Eggers
and Kaplan 2009). The dominant view was that entrepreneur-
ship was driven primarily by external factors, such as access to
resources and market demand (Jarillo 1989). However, organi-
zations do not innovate and see opportunities, but individuals
do (Krueger 2003). This implies that entrepreneurial cognition
is more likely to be critical in influencing strategic decisions
(Kiss et al. 2015). Therefore, entrepreneurs who delay adopting
AT may risk losing competitive advantages, including improved
efficiency, data-driven insights, and market positioning (Gupta
et al. 2023)—which ties back to entrepreneurial cognition, as
cognitive frameworks shape how entrepreneurs perceive and in-
terpret utilities (Zahra et al. 2005). Despite the influential role of
cognition (Roundy and Im 2024) in strategy formulation, empir-
ical insight into how entrepreneurial cognition affects technol-
ogy adoption intention (i.e., AI) remains absent in the literature.
Our study acknowledges this knowledge gap and unpacks the
interplay between entrepreneurs’ cognition and AI adoption
intention.

However, adopting AI technologies is a resource-consuming
process and may involve continuous knowledge flow into the
system. AI works on existing knowledge, and the effectiveness
of Al-generated output depends on the richness of that knowl-
edge (Daugherty and Wilson 2018). In the knowledge flow pro-
cess, two distinct yet interconnected challenges could emerge
for entrepreneurs. On the one hand, Al is continuously evolving
and changing; therefore, entrepreneurs need access to the lat-
est information in order to stay up-to-date and make informed
decisions (Gupta et al. 2023). This could be achieved through
tapping into the knowledge resources of the ecosystem—accu-
mulating knowledge from ecosystem actors (i.e., suppliers, com-
petitors, other stakeholders) regarding markets, technologies,
R&D, and innovative business models (Oh et al. 2016; Radziwon
et al. 2022; Robertson et al. 2023). Therefore, entrepreneurs
create ties with other actors within the ecosystem to initiate
resource mobilization? (Thornton et al. 2019). The knowledge

resources from the innovation ecosystem could influence en-
trepreneurs to adopt AI because certain business opportunities
may only be recognized through leveraging AI (Townsend and
Hunt 2019). Following this logic, we expect a contingency role
of innovation ecosystem resource mobilization in the relationship
between entrepreneurial cognition and AI adoption intention.
Entrepreneurs could feel more confident in adopting AI when
internal knowledge deficiency can be marginalized by knowl-
edge and resources flowing in from an innovative ecosystem.
Thus, the moderation role of innovation ecosystem resource mo-
bilization highlights a multifaceted dynamic, where both the ex-
ternal resources and internal cognitive processes could critically
influence the strategic decision to adopt AI. Therefore, our study
also seeks to answer another important question: to what extent
does resource mobilization from an innovative ecosystem influ-
ence the relationship between entrepreneurial cognition and Al
adoption? We shift the focus from a purely resource perspective
to a more integrated perspective by recognizing the nuances of
cognitive factors and ecosystem dynamics in navigating the in-
tricacies of Al adoption intention among entrepreneurial firms.

On the other hand, entrepreneurial firms from emerging econo-
mies, such as Bangladesh, are resource-constrained (Mostafiz,
Hughes, et al. 2022). They need to rely on internal resources
due to weak institutional support to stay competitive (Ahmed
and Brennan 2019). In this process, firms need to creatively
solve problems and create value by applying combinations of
the resources at hand (Baker and Nelson 2005; Guo et al. 2018).
Entrepreneurial bricolage® is a concept that refers to the ability
of entrepreneurs to create value out of existing resources cre-
atively and innovatively (Guo et al. 2016). While entrepreneurs’
beliefs, attitudes, and cognitive frameworks shape their inten-
tion to adopt AI, practicality and resourcefulness are equally
critical. This necessitates a confluence of entrepreneurial cog-
nition and bricolage, enabling firms to creatively optimize lim-
ited resources and overcome technology adoption barriers. In
this light, entrepreneurial cognition and bricolage converge, be-
coming indispensable for firms that intend to integrate AI into
their operations. The necessity of bricolage in the context of AI
adoption in emerging economies stems from its unique ability
to address specific challenges where traditional resource-based
approaches often fall short. Hence, we addressed the question of
how bricolage influences the relationship between entrepreneurial
cognition and AI adoption? Rooted in resourcefulness and inge-
nuity, bricolage enables firms to overcome limitations such as
restricted access to capital, technology, and institutional support
(Baker and Nelson 2005; Senyard et al. 2014). In our research
context, the capacity to improvise and innovate with available
resources is not just advantageous but essential (Vakratsas and
Ma 2009). This distinguishes bricolage from strategies like fi-
nancial investments or large-scale innovation initiatives, which
may be less feasible or relevant in resource-constrained environ-
ments like Bangladesh.

The contributions of the study are three-fold. Our study be-
gins the conversation to shed light on a missing but essential
facet of “contemporary” entrepreneurship (Bullough and
Renko 2013) and digitalization by evidencing entrepreneurial
cognition as the precursor to technology adoption intention. We
underpin our argument based on social cognitive theory (SCT).
Bandura (1989) postulates that learning occurs within a social
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context and is processed by individual cognition—a concept that
proves potent when examining how entrepreneurs decide to in-
tegrate technologies. We corroborate SCT's arguments concern-
ing behavioral predictions and advance the theory further by
mapping this cognitive dimension into the technological adop-
tion domain. In doing so, we fill a critical research gap around
SCT from an entrepreneurial cognition perspective (McMullen
et al. 2014) and advance SCT by demonstrating its applicability
and relevance in understanding the interplay between cogni-
tive factors and technology adoption in entrepreneurship. Our
findings also advance the knowledge by proving the necessity of
resource mobilization stemming from the innovation ecosystem
and bricolage as they strengthen the nexus between entrepre-
neurial cognition and AI adoption intention. This contribution
is especially meaningful in recognizing how the innovative uti-
lization of available resources (i.e., bricolage) and the knowledge
flow from the ecosystem can bolster cognitive predispositions
towards new technology adoption. While advanced economies
are ahead in AI adoption (Horowitz 2018), emerging econo-
mies are also trying to level up (Bag et al. 2021). Since emerg-
ing economy entrepreneurial firms suffer entropy (Gu 2023),
our research framework provides theoretical treatment of how
(i.e., resources sourced from innovation ecosystem) and under
what condition (i.e., the strength of entrepreneurial bricolage)
an emerging economy entrepreneurial firms can amplify the
cognitive readiness to adopt AIL. This exploration enriches the
body of knowledge on entrepreneurial cognition and technology
adoption and offers actionable insights for entrepreneurial firms
within emerging economies striving to harness new technolo-
gies to secure a competitive advantage.

2 | Literature Review
2.1 | Entrepreneurial Cognition

Entrepreneurial cognition is a field that examines the knowledge
structures entrepreneurs use to make assessments, judgments,
or decisions involving value creation and growth (Mitchell et al.
2002). It is a domain where psychological insights intersect with
entrepreneurial behavior, offering a lens through which to un-
derstand how entrepreneurs perceive and navigate their busi-
ness landscapes (Kuratko and Covin 2025). Early research by
Baron (1998) and Mitchell et al. (2002) set the stage by explor-
ing how entrepreneurs’ cognitive processes differ from random
individuals, suggesting that these unique patterns of thinking
significantly influence decision-making. They established that
successful entrepreneurs often display cognitive adaptability,
allowing them to recognize patterns and opportunities that
others overlook (Mitchell et al. 2004). Building on this, studies
have expanded the scope of entrepreneurial cognition to con-
sider the impact of identity (Stevenson et al. 2024) and resilience
(Baroncelli et al. 2024). For instance, Grégoire et al. (2010) hold
that cognitive flexibility and counterfactual thinking could
enable entrepreneurs to adopt and pivot their strategies more
effectively.

As the digital transformation accelerates, research has begun
to focus on how these cognitive factors influence decision-
making. For instance, Obschonka and Audretsch (2020) ar-
gued that the digital mindset of an entrepreneur—a component

of entrepreneurial cognition—is crucial in adopting new
technologies. They found that entrepreneurs with a strong
digital orientation are more likely to recognize digital technol-
ogies when creating new business models. Likewise, Liidn and
Fayolle (2015) also note the importance of cognitive aspects in
understanding the intention and argue that intentions are in-
fluenced by personal attitudes, subjective norms, and perceived
behavioral control. Expanding this framework, Fischer and
Reuber (2011) explore the concept of entrepreneurial alertness
to technological opportunities, arguing that cognitive styles
significantly impact the ability to perceive and act upon such
opportunities. In the AT context, this could mean that entrepre-
neurs who are cognitively attuned to technological advance-
ments are more likely to adopt AI in their business strategies.
Therefore, when applied to AT adoption, the cognition literature
suggests that an entrepreneur's attitudes towards AI could be
informed by their cognition—which would be just as crucial as
the benefits of adopting new technologies.

2.2 | Adoption of Artificial Intelligence

AT is a key technology that is driving operational transforma-
tion, with the potential to revolutionize the way organizations
innovate, operate, compete, and deliver value to customers
(Haefner et al. 2021; Vial 2019). Where information processing
constraints hinder innovation (i.e., mainly in emerging econ-
omies due to scarcity of sophisticated skills), recent advance-
ments in Al algorithms offer potential solutions to complex
challenges in innovation management (Di Vaio et al. 2020). AI
involves the use of algorithms and machine learning to enable
machines to perform tasks that traditionally require human in-
telligence (Leonardi 2021). It is used in a wide range of applica-
tions, including image and speech recognition, natural language
processing, robotics, and predictive analytics, and it increases
productivity (Yang 2022; Lee et al. 2022). Al enables organi-
zations to improve efficiency, automate processes, and gener-
ate insights that enhance competitive advantage (Cennamo
et al. 2020). For example, AI-powered analytics can help orga-
nizations gain insights into customer behaviors, market trends,
and business operations, enabling them to make data-driven
decisions and innovate effectively (Felten et al. 2021; Rana
et al. 2024). Evidence suggests that business organizations in
developed countries continue to remain at the forefront of bene-
fiting from AI tools.

Emerging economies are also in a unique position to benefit
from the adoption of AI technologies. Some of them experi-
ence valuable resource scarcity—which makes them highly
susceptible to inefficiencies (Mostafiz, Ahmed, et al. 2022).
However, AI technologies have a role to play. Research shows
that by integrating AI technologies, emerging economy entre-
preneurial firms can improve productivity, reduce costs, and
increase profitability (Kumar et al. 2019). For instance, in the
healthcare system, AT adoption can help fill the gap by improv-
ing diagnostic accuracy, developing personalized treatments,
managing patient data, and reducing healthcare costs by opti-
mizing resource allocation and reducing errors (Mrazek and
O'Neill 2020). In agriculture, AI can help improve crop yields,
reduce water usage, and increase the efficiency of farming op-
erations (Ganeshkumar et al. 2021). Adoption of AI and the
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opportunities to improvise a firm's operations are limitless
across industries; however, the journey toward this trans-
formation is not without its hurdles as emerging economies
also suffer from challenges, such as sophisticated connectiv-
ity and internet infrastructure (i.e., limited resources) (Hai
et al. 2021; Peng et al. 2008). Therefore, these entrepreneurs
in emerging economies who wish to leverage the opportuni-
ties of AI collaborate with potential actors where they operate
and be able to creatively use available resources in novel and
value-generating ways. On the one hand, firms need a func-
tional ecosystem (Roundy and Im 2024) which allows them to
accumulate valuable resources and knowledge; on the other
hand, in order to circumvent systemic challenges, firms need
to capitalize on the innovation potential of AI by repurpos-
ing existing resources, tapping into unorthodox avenues of
resource acquisition, and maximizing the utility of resources
at hand. In essence, entrepreneurs need a strategic approach
that transforms limitations into a catalyst for innovation and
competitive advantage (Mariani et al. 2023). This indicates
that the decision to adopt AI does not occur in isolation but
is influenced by the cognitive interplay between the entrepre-
neur, their environment, and strategies.

2.3 | Innovation Ecosystem and Resource
Mobilization

The term “innovation ecosystem” can have different meanings
depending on the context in which it is used. Adner (2006) and
Carayannis and Campbell (2009) conceptualize the term in
different ways, with Carayannis and Campbell associating it
more with clusters and the relationship between universities

TABLE1 | Heterogeneous definitions of the innovation ecosystem.

and firms; Adner (2006) defines innovation ecosystem as “the
collaborative arrangements through which firms combine their
individual offerings into a coherent, customer-facing solution”
(2). In recent years, there have been multiple efforts to define
innovation ecosystems. However, there is some ambiguity be-
tween what should be considered a definition and what is simply
a description. Despite this, it is noteworthy that many studies
utilize the concept of innovation ecosystems without explicitly
defining it. Table 1 highlights the most prominent conceptual-
ization of the innovation ecosystem.

We adopted the definition of innovation ecosystems by
Granstrand and Holgersson (2020). It captures seamless in-
formation flows to the organization from the ecosystem, cov-
ering new products/services, technological resources, and
relevant knowledge, which eventually affects the adoption of
new strategies (Silva and Griitzmann 2022). Although there
are conceptual variations in the definitions, there are common
features that can be identified in innovation ecosystems, in-
cluding a large group of interconnected and interdependent
firms that co-evolve together. Innovation ecosystems also go
beyond market positioning and industrial structure, exhibit-
ing characteristics of symbiosis, platform, and co-evolution
(Haukipuro et al. 2023). Nambisan and Baron (2013) suggest
that innovation ecosystems involve dependencies among
members, a common set of goals and objectives, and a shared
set of knowledge and skills.

Ecosystem and resource mobilization are related (Shi and
Shi 2022). An innovation ecosystem is a dynamic network of
actors, artifacts, and institutions that interact to create and
diffuse innovations and deliver digital transformation to the

Authors Definition

Edquist (1997) “All important economic, social, political, organizational, institutional, and other
factors that influence the development, diffusion and use of innovations” (14)

Lundvall (1992) “All parts and aspects of the economic structure and the institutional

setup affecting learning as well as searching and exploring—the
production system, the marketing system and the system of finance
present themselves as subsystems in which learning takes place” (12)

Asheim and Gertler (2006)

Breschi and Malerba (1997)

“The institutional infrastructure supporting innovation
within the production structure of a region” (299)

“That system (group) of firms active in developing and making a sector's

products and in generating and utilizing a sector's technologies; such a system
of firms is related in two different ways: through processes of interaction
and cooperation in artifact-technology development and through processes
of competition and selection in innovative and market activities” (131)

Granstrand (2000)

“The set of actors, activities, resources and institutions and the causal

interrelations that are in some sense important for the innovative
performance of a corporation or groups of collaborating companies
and other actors (e.g., universities, institutes, agencies)” (13)

Granstrand and Holgersson (2020)

“An innovation ecosystem is the evolving set of actors, activities, and

artifacts, and the institutions and relations, including complementary
and substitute relations, that are important for the innovative
performance of an actor or a population of actors” (3)
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organization (Appio et al. 2021). Likewise, resource mobili-
zation is the process of acquiring and allocating resources
from the ecosystem, including knowledge of technologies,
suppliers, customers, and competitors' resources to support
innovation activities (Thornton et al. 2019). In an innovation
ecosystem, resource mobilization could be a critical factor
that enables the network of actors to access the necessary
resources to innovate and compete (Iheanachor et al. 2023).
Effective resource mobilization in an innovation ecosystem
requires a shared vision and a collaborative approach among
the actors in the ecosystem (Floetgen et al. 2021). However,
an innovation ecosystem should also have appropriate gov-
ernance structures, favorable policies, and practices to sup-
port resource mobilization and facilitate innovation activities
(Walton and Nayak 2021). As entrepreneurs engage with the
ecosystem, drawing upon its diverse pool of resources, their
cognitive frameworks—comprising their understanding, at-
titudes, and intentions towards AI—could be enriched and
expanded (Williams et al. 2024). This cognitive evolution can
be instrumental in elevating their intention to adopt A, as it
aligns their strategic outlook with the practical insights and
capabilities gleaned from the ecosystem. Hence, resource mo-
bilization does not merely supply the raw materials for innova-
tion; it could actively shape and inform the cognitive domain
of entrepreneurs (Inceoglu et al. 2024), thus paving the way
for a more strategic adoption of AT technologies.

However, the application of resource mobilization in entrepre-
neurial contexts, especially in digital and ICT ecosystems, has
not been thoroughly explored in empirical research. While
significant attention has been paid to resource mobilization
in fields like nanotechnologies (Lo 2015) and health care
(Agarwal et al. 2020), its utility for entrepreneurial firms in a
digital context remains an area ripe for exploration. This gap
presents an opportunity to apply and extend the principles of
social cognitive theory (Bandura 1986, 2021) to understand
how the interaction with and learning from an innovation eco-
system can amplify the cognitive processes of entrepreneurs
(Calic et al. 2024). The theory provides a lucid framework to
examine the mechanisms through which cognitive and strate-
gic factors interact to explain entrepreneurial intentions (Bacq
et al. 2017). SCT holds that the expectations, beliefs, and cog-
nitive competencies of an individual are developed and mod-
ified by social, contextual, or environmental influences and
that these influences operate as interacting determinants of
one another (Bandura 1986; Lyons et al. 2020). Bandura (1989)
proposes SCT's triadic reciprocal determinism, which in-
volves personal attributes (i.e., internal cognitive and affective
states), physical attributes (i.e., external environment) and
overt behavioral choices. Therefore, entrepreneurial behavior
is influenced by personal and environmental factors, which
are constant and reciprocal (Chaston and Sadler-Smith 2012)
and influence a firm's strategies that are formed and executed
in response to new avenues (Baum et al. 2001). Entrepreneurs,
through social engagement within their ecosystem, learn
from observing peers and competitors who have successfully
integrated AI, which in turn could shape their perceptions
of its feasibility and value for their own firms (LaRose and
Eastin 2004; Ratten and Ratten 2007). However, the adoption
of any new technologies comes at a cost, especially in emerg-
ing economies where resource constraints are prevalent.

2.4 | Entrepreneurial Bricolage

Entrepreneurial bricolage is a concept that refers to the ability of
entrepreneurs to create something new out of existing resources
and materials, often creatively and innovatively, while resources
are constrained (Guo et al. 2016). It involves using whatever is
available to develop a solution to a problem and deliver new
value (Baker and Nelson 2005). It can play a crucial role in help-
ing businesses adapt to the changing landscape and embrace
new technologies (Mateus and Sarkar 2024). Digital transfor-
mation involves the integration of AI into critical aspects of
business operations, from customer service and marketing to
supply chain management and production processes (Lévesque
et al. 2022; Nambisan et al. 2017). This transformation is neces-
sary for emerging economies firms to remain competitive in an
increasingly digital world (Yu et al. 2024). However, it can be
equally challenging for them to embrace digital transformation
due to the cost and complexity involved. This is where entrepre-
neurial bricolage comes in (Garud and Karnee 2003; Senyard
et al. 2014).

Connecting this to SCT, entrepreneurs’ cognitive processes,
shaped by their interactions and observations within their
ecosystem, can explain the bricolage practices. As they ob-
serve peers and competitors effectively utilizing limited or
unconventional resources, their perception of what is feasible
and valuable for their firms may shift. This aligns with the
idea that entrepreneurial behavior is influenced by a combi-
nation of personal attributes and environmental factors, both
of which are in a state of continuous interaction and recip-
rocal influence. Firms need to be creative, resourceful, and
willing to take risks to achieve successful bricolage. They
need to be able to identify the resources they have available
and find ways to use them in innovative ways. This may in-
volve experimenting with different technologies, testing new
business models, and embracing new ways of working (Welter
et al. 2016). Benefits, such as cost-effectiveness, are possible
by leveraging existing resources (i.e., existing technologies
and data) and materials to achieve the same results as larger,
more established competitors but at a lower cost, which is
eventually one of the purposes served by adopting AI (Menz
et al. 2021). Still, the cost and complexity of implementing AI
systems can be a barrier for many emerging economy firms
(Kumar et al. 2019). By applying entrepreneurial bricolage
principles, firms can find creative and cost-effective ways to
integrate Al into their operations.

With the ecosystem, many firms already have large amounts
of data stored in their systems. In a well-functional innova-
tion ecosystem, these data can be shared between the actors of
the ecosystem and used to train machine learning algorithms
(Gupta et al. 2023). Another possibility is existing AI platforms
and tools, which many companies offer to be easily integrated
into systems, such as chatbots or predictive analytics tools
(Obschonka and Audretsch 2020). By leveraging these exist-
ing resources, firms can quickly and cost-effectively learn and
implement AI solutions without needing to develop their own
algorithms or invest in expensive hardware. SCT supports this
argument-based continuous learning, which leads firms to act
creatively about how to use existing resources and tools to meet
specific needs. Entrepreneurs observing their peers employing
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bricolage to successfully implement AI may undergo a shift in
their cognitive perspective, perceiving AI adoption as a more
attainable goal even with limited resources. This observation
alters their understanding of what is possible and influences
entrepreneur’s beliefs about the feasibility and efficiency of AI
technologies. Al technology requires specialized skills and
knowledge, which can be challenging to find and expensive
to acquire (Shepherd and Majchrzak 2022). However, as entre-
preneurs experiment with and successfully leverage existing
tools and resources to facilitate AI integration, their belief in
their ability to implement AT effectively, despite resource lim-
itations, grows stronger. This enhanced self-efficacy, fostered
through practical experience and creative problem-solving,
is likely to increase their intention to adopt AI. Yet, despite
AT's apparent potential, the empirical exploration of entrepre-
neurial bricolage (Glasbeek 2024) within AI adoption remains
scant, signaling an avenue for research that could yield in-
sights into cost-effective digitalization strategies for firms in
resource-limited settings.

3 | Hypotheses Development

The overarching logic underpinning our theorizing is portrayed
in Figure 1.

Entrepreneurial cognition plays a critical role in shaping how
entrepreneurs process information, evaluate opportunities, and
make decisions in dynamic business environments. It encom-
passes the mental processes by which entrepreneurs interpret
their surroundings, identify market opportunities, and develop
strategies for organizational growth (George et al. 2016; Thomas
et al. 2020). SCT focuses on the impact of motivation and cogni-
tion on individual behavior (Wood and Bandura 1989). Within
this framework, entrepreneurial decisions, such as the adop-
tion of AI technologies, are determined by the entrepreneur's
cognitive assessment of the appropriateness, usefulness, and
strategic alignment of AI within their organization (Lifidn and
Chen 2009; Mitchell et al. 2002).

Entrepreneurial cognition is dissected into two key dimensions:
(2) need for cognition and (b) faith in intuition. Entrepreneurs
high in the need for cognition exhibit a preference for deep, an-
alytical thinking and actively seek out complex problems that
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FIGURE1 | Conceptual model. [Colour figure can be viewed at wi-
leyonlinelibrary.com]

challenge their intellectual abilities (Roundy and Im 2024).
This cognitive trait may enable them to perform comprehensive
evaluations of ATI's potential, considering its ability to generate
actionable market intelligence, support decision-making, and
enhance various business processes (Loebbecke and Picot 2015).
Such entrepreneurs are more likely to engage with AI technol-
ogies in-depth, analyzing their role in automating repetitive
tasks, enabling data-driven insights, and driving business model
innovation (Agrawal et al. 2018). For instance, they may assess
AT's ability to expedite data collection, sense market trends, and
address customer needs through tailored solutions.

Complementing this is faith in intuition, which represents
the tendency to trust gut feelings and initial impressions.
Entrepreneurs with strong intuitive capabilities rely on their
instincts to make quick decisions, particularly in uncertain or
time-sensitive situations. In the context of AI adoption, such
entrepreneurs may use their intuition to assess AI's immediate
applicability and potential to address organizational challenges.
For example, they might quickly evaluate AI's ability to enhance
customer service through chatbots (Kumar et al. 2024) or opti-
mize operational processes such as supply chain management
and inventory control (Wamba et al. 2023). Intuition provides an
additional layer of decision-making, complementing analytical
evaluations, particularly when full information is unavailable or
rapid action is required (Chaston and Sadler-Smith 2012).

Entrepreneurs assess Al's perceived usefulness in performing
complex business tasks, its ability to improve operational effi-
ciencies, and its alignment with customer-centric strategies.
However, an individual's cognitive processes do not occur in
isolation; they are shaped by environmental influences such as
technological advancements, competitive pressures, and evolv-
ing market needs. SCT highlights the interaction of these per-
sonal, behavioral, and environmental factors, suggesting that
entrepreneurial cognition is both a product of and a contribu-
tor to decision-making. AT adoption presents unique challenges
that demand careful cognitive deliberation. Entrepreneurs must
weigh the potential benefits of generative AI, such as ChatGPT's
ability to revolutionize customer engagement and automate pro-
cesses, against challenges such as integration costs and techno-
logical complexities (Wamba et al. 2023; Dahlke et al. 2024). By
critically evaluating AI's role in enhancing operational and stra-
tegic capabilities, entrepreneurs can make informed decisions
about its adoption and implementation. This cognitive evalua-
tion process, shaped by an entrepreneur's need for cognition and
faith in intuition, therefore becomes a pivotal determinant of AT
adoption intention. Based on the above argument, we propose
the following hypothesis:

H1. Entrepreneurial cognition positively influences the inten-
tion to adopt Al

Resource mobilization refers to the practice of accessing and
activating resources embedded within the ecosystem, including
its external partners and actors such as suppliers, customers,
and research collaborators (Jack 2005; Thornton et al. 2015).
These networks provide a critical source of resources and com-
petitive advantage (Gulati 2007; Sammarra and Biggiero 2008).
However, the capability of firms to mobilize resources varies
significantly, influenced by the nature and strength of their
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network ties (Zaheer and Bell 2005). A strong network, charac-
terized by reciprocal understanding and frequent interactions,
enables firms to exploit existing resources effectively (Wu 2008),
while moderate-network resource mobilization, offering ac-
cess to nonredundant resources and novel information, facili-
tates exploration and innovation (Burt 1992, 2000). Hence, a
complementary mix of strong and weak resource mobilization
enhances organizational resourcefulness by balancing exploita-
tion and exploration (Michelfelder and Kratzer 2013).

The extent of resource mobilization reflects the effort firms ex-
pend to activate their networks and realize the benefits of these
relationships. A high level of resource mobilization involves in-
tensive activities to access and utilize resources, leveraging both
strong networks for reliability and trust (e.g., matching supplier
capacity to customer demand) and moderate networks for diver-
sity and novel opportunities (e.g., initiating relationships with
new partners in unfamiliar markets). This dynamic interplay
enables firms to adapt to environmental uncertainty and navi-
gate resource limitations (Eisingerich et al. 2010). In the context
of tech, firms aiming to adopt AI technologies must rely on ef-
fective resource mobilization to overcome inherent challenges,
such as the need for specialized skills, high costs, and techni-
cal complexities (Audretsch and Belitski 2024). Strong network
resource mobilization will also allow entrepreneurs to engage
with well-established partners, such as suppliers and customers,
to ensure the alignment of AI solutions with operational needs
and market demands (e.g., communicating customer-focused
approaches to suppliers). Moderate-network resource mobili-
zation, on the other hand, facilitates the acquisition of unique
insights and access to novel resources, such as gaining local
market knowledge or interacting with indirect customers to
stimulate demand. Together, the purpose is to acquire the re-
sources and information necessary for Al integration.

SCT posits that behavioral intentions, including the intention to
adopt AT, result from the interaction between cognitive and envi-
ronmental factors (Stajkovic and Luthans 1998). Entrepreneurs’
cognitive capabilities, such as their need for cognition and faith
in intuition, determine how they perceive and evaluate AI's po-
tential. However, the environmental context, particularly the
ability to mobilize resources from the innovation ecosystem,
could play a critical role in shaping these cognitive evaluations.
Entrepreneurs with high levels of resource mobilization from
the innovation ecosystem are better positioned to leverage their
networks to secure the resources, skills, and support needed to
realize AI's potential benefits. Conversely, low levels of resource
mobilization may limit an entrepreneur's ability to act on their
cognitive evaluations and may hinder AI adoption.

We argue that the extent of resource mobilization moderates
the relationship between entrepreneurial cognition and Al
adoption. When resource mobilization from the innovation
ecosystem is high, entrepreneurs can more effectively translate
their cognitive evaluations of AI into actionable strategies. For
example, strong networks can provide the operational support
necessary for Al implementation, while moderate networks can
offer novel insights to tailor AI solutions to emerging opportu-
nities. This dynamic interaction amplifies the positive impact of
entrepreneurial cognition on AI adoption, creating a synergistic
effect. Based on this argument, we conjecture that:

H2. Resource mobilization from the innovation ecosystem pos-
itively moderates the relationship between entrepreneurial cogni-
tion and intention to adopt AL

By theorizing entrepreneurial bricolage as “making do by ap-
plying combinations of the resources at hand to new problems
and opportunities,” Baker and Nelson (2005) offered an essen-
tial beginning point for comprehending how some entrepre-
neurs develop and nurture firms despite seemingly insufficient
resources. Entrepreneurial bricolage actively and creatively
assists firms in overcoming resource limitations by responding
to environmental changes (Baker and Nelson 2005; Senyard
et al. 2014). It is a strategic orientation that may contribute to
continuous growth and buffering environmental turbulence by
reconfiguring existing resources (Paust et al. 2024).

Firms deploying entrepreneurial bricolage have to constantly
scan and monitor the environment and reconfigure resources
to respond to those changes (Vakratsas and Ma 2009), which en-
hances the firm's adaptive capability. Entrepreneurial bricolage
generates a bias toward action and active engagement with op-
portunities (Baker and Nelson 2005). It accordingly drives firms
to actively search for external changes. Salunke et al. (2013)
prove that entrepreneurial bricolage facilitates the development
of service entrepreneurship by interacting and learning from
different actors. The constant interaction with related linkage
helps firms collect comprehensive information about demand-
ing changes. Baker and Nelson (2005) observed that firms could
use entrepreneurial bricolage to form a close relationship with
customers and suppliers. Thus, entrepreneurial bricolage often
contributes to firms capturing external changes.

Lyons et al. (2020) examined other aspects of social cognitive
theory and embraced contextual factors that interrelate with
cognition, intentions, and associated actions. In the context of
our study, bricolage is a contextual factor that interacts with the
cognitive aspect in deciphering the intent of AT adoption. Based
on SCT, we posit that the extent of entrepreneurial bricolage, that
is, using available resources and recombining these resources
for new purposes, and the interaction between entrepreneurial
bricolage and entrepreneurial cognition helps to elucidate the
variance in Al adoption in ICT firms. As such, the positive effect
of entrepreneurial cognition on Al adoption is greatest when the
extent of entrepreneurial bricolage is high. Thus, we propose the
following hypothesis:

H3. Entrepreneurial bricolage positively moderates the rela-
tionship between entrepreneurial cognition and intention to adopt
AL

4 | Research Methods
4.1 | Research Context

An innovation ecosystem in an emerging economy can emerge
due to significant unmet needs, which can create opportuni-
ties for entrepreneurs and innovators to develop new solutions
(Robertson et al. 2023). These needs can be related to intangible
infrastructure, such as ICT, software solutions to health care, a
digitalization-based education system, and other areas where
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there is a necessity for significant innovation. In addition, govern-
ments in emerging economies increasingly recognize the impor-
tance of innovation for economic growth and are implementing
policies and programs to support the development of innovation
ecosystems (Oh et al. 2016; Pustovrh et al. 2020). These policies
can include tax incentives, grants, and other financial support for
start-ups and innovative companies. Over the past two decades, the
Bangladeshi Government has heavily invested in building the in-
novation ecosystem, mainly in the ICT industry, which has grown
significantly, including more than 4500 software and IT compa-
nies, employing more than 300,000 professionals. Additionally,
over 40 companies have established joint ventures with foreign
companies in Bangladesh and abroad. To further develop the in-
dustry, the Bangladeshi Government has allocated USD 215 mil-
lion for the ICT industry's development in the 2020-2021 fiscal
year and has proposed 65 action plans for the next 10years for the
industry's growth (BASIS 2021). These firms offer services to busi-
nesses in telecommunications, banking, finance, and pharmaceu-
tical sectors, primarily in East Asia, Japan, and the Middle East
(BASIS 2022b). The Government's initiatives include supporting
start-ups, investing in infrastructure to establish an innovation
ecosystem, promoting industry-university collaboration, creating
employment opportunities, and creating highly skilled IT gradu-
ates (BASIS 2022b). Therefore, the rise of digital technologies (i.e.,
Al-based) has made it easier for entrepreneurs and innovators to
connect with each other, access information, and collaborate on
new projects, contributing to the emergence of an innovation eco-
system. This has led to the development of online communities
and platforms that facilitate innovation and entrepreneurship.

The ICT industry is an essential part of Bangladesh's transition
from a low income to a middle-income economy by encouraging
entrepreneurship (Amin and Rahman 2019). It is also an attrac-
tive destination for foreign firms to offshore ICT services (van
Gorp et al. 2015), enabling this industry to welcome entrepre-
neurial venturing (Rashid and Rashid 2020). This may happen
because of a solid innovative ecosystem that enables firms to
build resilience during the crisis (Leite and Hodgkinson 2021;
Shore et al. 2024). As evidenced, AT adoption among firms in
the ICT industry of Bangladesh can automate and optimize var-
ious business processes, such as healthcare, auditing, and finan-
cial services, leading to increased efficiency and productivity
(Afroze and Aulad 2020; Miskat et al. 2023). Over time, these in-
novative entrepreneurial firms can develop long-term fortitude
and adoptive cognition; therefore, enabling them to withstand
the competition and respond competitively.

4.2 | Data Collection and Sample

The sample firms were selected from the Bangladesh Association
of Software & Information Services database (BASIS 2022a).
The BASIS has 2219 registered firms (BASIS 2022a). For this
study, a two-stage survey method was chosen by following
Ahsan et al. (2022). In the first round, a questionnaire was
sent to all registered firms to collect information about entre-
preneurial cognition, ecosystem resource mobilization, and
entrepreneurial bricolage from the entrepreneur/CEO/founder
of the organization using Qualtrics. A total of 241 firms have
responded, resulting in a response rate of 10.9%. In the second
round, conducted 1 month later, these 241 firms were contacted

to collect data on the intention to adopt AI from IT managers/
IT directors. A total of 236 firms responded to the second call.

This survey method helps to address potential biases, such
as ex-ante effects and social desirability bias. A time-lagged
method was used to minimize ex-ante effects, as suggested in
cross-sectional studies (Guide and Ketokivi 2015; Reed 2015).
Collecting data from different respondents in the second round
helped to control social desirability bias (Zahra and Covin 1995)
and common method bias also (Chang et al. 2010). Finally, a
nonresponse analysis was conducted by performing an indepen-
dent t-test (Diamantopoulos et al. 1994), which found no signif-
icant differences in the means of critical variables, indicating a
lack of nonresponse biases in this research.

4.3 | Measurement

All constructs and the items are presented in Appendix 1. Al
adoption intention construct was sourced from Upadhyay
et al. (2022) and Upadhyay et al. (2023) and operationalized
using three items on a seven-point Likert scale. Sample items
are: our firm will adopt AI for all major digital requirements,
and I think that our firm will adopt AI soon to enhance digital
processes. The entrepreneurial cognition construct is sourced
from Chaston and Sadler-Smith (2012) and operationalized
through two subdimensions: the need for cognition (five items)
and faith in intuition (five items) on a seven-point Likert scale.
Sample items for the need for cognition are: I prefer to do some-
thing that challenges my thinking abilities rather than some-
thing that requires little thought, and I prefer complex to simple
problems; sample items for faith in intuition are: I trust my ini-
tial feelings about my stakeholders, and my initial impressions
of stakeholders are almost always right.

The resource mobilization from the innovation ecosystem con-
struct is operationalized with eight items and measured on a
seven-point Likert scale sourced from Thornton et al. (2015,
2019). Sample items of ecosystem resource mobilization are: Our
suppliers' ability is critical for us to satisfy our customers, and
having good relationships with both suppliers and customers
has enabled us to adapt to changes in the marketplace, “we in-
teract with the customers of our customers, and we initiate rela-
tionships with new business partners to gain local knowledge in
a new market.” Finally, the entrepreneurial bricolage construct
is measured by eight items sourced from Guo et al. (2016) on a
seven-point Likert scale. Sample items are: We use any existing
resource that seems useful in responding to a new problem or op-
portunity, and by combining our existing resources, we take on
a surprising variety of new challenges. All constructs and items
adopted in this research are previously validated constructs.

We included four control variables: firm age, size, environmental
dynamism, and munificence, in the research model. Natural log-
arithms of firm size and age were operationalized based on the
“number of employees” and “years of operation,” respectively
(Cruz-Gonzalez et al. 2014). Five items were used to operationalize
environmental dynamism, sourced from Kreiser et al. (2013) on a
seven-point Likert scale. The munificence construct (three items)
was also sourced from Kreiser et al. (2013) and operationalized on
a seven-point Likert scale ranging from 1=highly disagree and
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5=highly agree. Sample items are the current profitability of the
industry, projected profitability (3years or more) of the industry
and projected long-term market growth rate (3years and more).

5 | Analyses and Results
5.1 | Descriptive Statistics, Reliability, and Validity

Table 2 represents the results of correlations, normality, reliability,
and validity. The findings show that data are normally distributed
as the constructs’ skewness and kurtosis values are between +2
and —2 (Shapiro and Wilk 1965). The variance inflation factor val-
ues are lower than 5, confirming low multicollinearity between
constructs (Graham 2003). The Cronbach alpha and composite
reliability values are higher than 0.7 for all constructs, ensuring
the constructs’ internal consistency (Hair et al. 2010). The aver-
age variance extractor values are higher than 0.50, confirming

TABLE 2 | Correlation, normality, reliability, and validity.

Constructs

Entrepreneurial 0.722

cognition

Resource 0.249%* 0.727

mobilization

(innovation

ecosystem)

Entrepreneurial 0.171* 0.168* 0.722

bricolage

Intention to adopt 0.222%%  0.218**  0.281**  0.727
Al

Control variables

Firm size 0.461 0.483 0.267 0.201
Firm age 0.297 0.337 0.203 0.226
Environmental 0.321 0.255 0.195 0.245
dynamism

Munificence 0.346 0.285 0.188 0.297
Mean score 51.58 62.85 48.736 19.88

Standard deviation 3.077 3.457 2.638 1.058

Skewness 0.505 0.165 0.579 0.502
Kurtosis 0.951 0.494 0.392 0.656
VIF 1.49 1.97 1.34 1.55

Reliability and validity

Cronbach alpha 0.255 0.834 0.756 0.492
Composite 0.162 0.093 0.787 0.480
reliability

AVE 0.522 0.529 0.521 0.528
MSV 0.268 0.191 0.256 0.239

**Coefficient is significant at p <0.01.
*Coefficient is significant at p <0.05.
Note: Diagonal values are the square root of AVE.

the convergent validity (Cable and DeRue 2002). The square roots
of the AVEs (diagonal values in Table 2) are higher than the cor-
responding correlations, and the AVE values exceed the MSV
(maximum shared variance) values, confirming the discriminant
validity of the constructs (Fornell and Larcker 1981). The sam-
ple firms ranged from four to 8years old and employed 21 to 190
people.

5.2 | Common Method Bias

Several methods have been considered to control the bias of com-
mon method variances. First, we collected data at two different
time points and controlled for simultaneity bias effects by follow-
ing (Chang et al. 2010). Second, we included redundant questions
in the survey that were not used in this study, and we also removed
any potential obstacles that could have influenced how the par-
ticipants answered (Fuller et al. 2016). Finally, we conducted two
statistical analyses to check for the possible presence of CMV. The
first was Harman's single-factor analysis, which revealed that
the first component accounted for only 16.51% of the variance.
The second was a single latent factor analysis. The results of this
model (y*>=3856.564, df=499, CMIN/df=7.728, RMSEA =0.194,
CFI1=0.463) are significantly different from those of the five-factor
confirmatory factor model (y>=907.671, df=491, CMIN/df=1.84,
RMSEA =0.049, CF1=0.902). Therefore, we conclude that any ef-
fects of CMV are minimal (Podsakoff et al. 2003).

5.3 | Hypotheses Testing

We performed confirmatory factor analysis to test the model fit
indices before testing the hypotheses through structural equation
modeling on AMOS 24. Table 3 represents the results. The findings
show that in all three models, the model fit indices for measurement
models are adequate and acceptable (Anderson and Gerbing 1988).
The model fit indices for the first structural model are: y>=911.469,
df=649, CMIN/df=1.404, RMSEA=0.049, GFI=0.902,
SRMR =0.033. The results of the path analysis show that the effect
of entrepreneurial cognition on intention to adopt Al is positively
significant (§=0.159**, p=0.006). Hence, H1 is supported. In the
second model, we test the moderating effects of ecosystem resource
mobilization between entrepreneurial cognition and intention
to adopt AL The results show positive significant moderating ef-
fects of resource mobilization (8=0.048***, p=0.001). Hence, H2
is supported. In the third model, we test the moderating effects of
entrepreneurial bricolage between entrepreneurial cognition and
intention to adopt AL The results show significant moderating ef-
fects of entrepreneurial bricolage (6=0.017**, p=0.042). Hence,
H3 is supported. The results of the control variable show that firm
age significantly affects the intention to adopt AI. However, firm
size has a nonsignificant impact on the intention to adopt AL The
results also revealed that environmental dynamism and munifi-
cence have nonsignificant effects on the intention to adopt AL

5.4 | Endogeneity and Robustness Analysis
We performed two stringent analyses to check the presence of

endogeneity in this research (Li et al. 2021). First, we analyzed
the missing variable endogeneity by including human capital in
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TABLE 3 | Results of path relationships.

Model 1 (Intention

Model 2 (Intention

Model 3 (Intention

Path to adopt AI) to adopt AI) to adopt AI)

relationships Coefficient P Coefficient 4 Coefficient p

Entrepreneurial 0.159** 0.006 0.136** 0.004 0.163** 0.027

cognition

Resource 0.352%** 0.001

mobilization

(innovation

ecosystem)

Entrepreneurial 0.048%*** 0.001

cognition

* resource

mobilization

Entrepreneurial 0.109** 0.018

bricolage

Entrepreneurial 0.017** 0.042

cognition *

entrepreneurial

bricolage

Model fit indices = Measurement model  Structural Measurement model  Structural Measurement model  Structural
model model model

X 927.285 911.469 958.126 971.463 951.151 987.218

Df 637 649 652 659 651 662

xA/df 1.455 1.404 1.469 1.474 1.461 1.491

GFI 0.902 0.916 0.901 0.902 0.908 0.915

IFI 0.908 0.922 0.909 0.911 0.909 0.905

TLI 0.904 0.916 0.904 0.907 0.916 0.902

RMSEA 0.049 0.048 0.049 0.049 0.048 0.049

SRMR 0.033 0.034 0.039 0.036 0.038 0.034

**Coefficient is significant at p <0.05.
***Coefficient is significant at p=0.001.

the model. Table 4 represents the results of the missing variable
endogeneity analysis. The results show that after incorporating
another variable in the model, the results have not changed for
the hypothesized relationships. Second, we performed Heckman's
second-stage test to examine self-selection bias (Zaefarian
et al. 2017). Table 5 represents the results, and we identified that
the original results stand and present minimum deviation com-
pared to the actual results. Hence, we conclude that endogeneity is
not a challenge in this research. Finally, to investigate the robust-
ness of the findings, we performed multiple regression analyses,
incorporating the control variables. The results of hypothesized
relationships in the multiple regression analyses have not shown
any significant deviation from the primary research model.

6 | Discussion and Contributions

Anchored in the SCT, we developed a model that seeks to un-
derstand the interplay between entrepreneurial cognition and

the intention to adopt AI. Moreover, we borrow insights from
the contingency perspective to examine the boundary condi-
tions of resource mobilization and entrepreneurial bricolage.
Our results show a positive relationship between entrepre-
neurial cognition and intention to adopt AI This finding cor-
roborates with an emerging body of knowledge suggesting
the positive interplay between an individual's cognitive fac-
tors and the adoption of digital technologies (e.g., Upadhyay
et al. 2022). Our findings advance the work of Bettiga and
Lamberti (2017) by holding that cognitive and affective fac-
tors lead to the development of desire, which is the direct an-
tecedent of intention to adopt a particular technology. In this
process, we argue that the positive interplay between entre-
preneurial cognition and the intention of AI adoption would
be bolstered through resource mobilization from the innova-
tion ecosystem. We also advance the knowledge on resource
mobilization (Ritter et al. 2021) that in high-technology in-
dustries in emerging economies, firms benefit from the mo-
bilization of resources from different actors in an innovation
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TABLE 4 | Missing variable endogeneity analysis.

TABLE 5 | Heckman second-stage endogeneity test.

Explained variable: Explained variable:
Explaining intention to adopt AI Explaining intention to adopt AI
variables M1 M2 M3 M4 variables M1 M2 M3 M4
Firm age 0.014 0.035 0.069 0.061 Firm age 0.018 0.006 0.008 0.003
Firm size 0.062 0.050 0.088 0.083 Firm size 0.012 0.002 0.022 0.021
Environmental 0.049 0.080 0.042 0.041 Environmental 0.017 0.003 0.018 0.016
dynamism dynamism
Munificence 0.093 0.036 0.036 0.042 Munificence 0.016 0.041 0.024 0.015
Human capital 0.088 0.008 0.009 0.006 Inverse mills 0.077 0.111 0.139 0.122
Entrepreneurial 0.107%%  0.119%  0.121** ratio
cognition Entrepreneurial 0.131** 0.139** 0.128**
Entrepreneurial 0.048%** cognition
cognition Entrepreneurial 0.049%**
* resource cognition
mobilization * resource
(innovation mobilization
ecosystem) (innovation
Entrepreneurial 0.031** ecosystem)
cognition * Entrepreneurial 0.029**
entrepreneurial cognition *
bricolage entrepreneurial
R? 0227 0111 0.131 0.126 bricolage
2 sk Skkk seskok

Adjusted R? 0.056  0.033 0.035 0.039 Wald x 0.376 217687 28.426™%  27.579

2
AR? 0.012 0.019 0.016 Prob >y 0.421 0.022 0.001 0.003

**Coefficient is significant at p <0.05.

F-value 0.208 1.641** 1.393%* 1.326™*

**Coefficient is significant at p <0.05.
***Coefficient is significant at p <0.01.

ecosystem. These actors range from government agencies pro-
viding policy support and financial incentives to institutions
conducting cutting-edge research to venture capitalists offer-
ing funding and business expertise—forming an ecosystem
that fuels innovation. Finally, as these ICT firms are operating
in an emerging economy, we argue for a boundary condition of
entrepreneurial bricolage between entrepreneurial cognition
and AI adoption—proving a positive moderating effect of en-
trepreneurial bricolage. As emerging economies are charac-
terized by significant challenges in doing business, bricolage
comes into play by enabling entrepreneurs to navigate these
constraints through creative problem-solving and the repur-
posing of readily available resources. It plays as the cognitive
agility of entrepreneurs—their ability to see beyond conven-
tional uses of resources for value creation.

In examining the interplay between entrepreneurial cognition
and the intention to adopt AT, our study offers three important
contributions to an intersection of entrepreneurship and dig-
italization literature. First, although the cognitive approach
is thought to have robust explanatory power in predicting the
behavior of entrepreneurs and their perception (see, for ex-
ample, Bacq et al. 2017; Dheer and Lenartowicz 2019; Sancho
et al. 2020), scholars remain unenthusiastic about studying

***Coefficient is significant at p <0.01.

the relationship between entrepreneurial cognition and the
adoption of technologies. This study begins to shed light on a
missing but essential facet of “contemporary” entrepreneur-
ship (Bullough and Renko 2013) and digitalization literature
by evidencing entrepreneurs’ cognition as the precursor of
their intention to AI adoption. In particular, we argue and
show that the intention to implement AI is driven by the men-
tal model/cognition of entrepreneurs. Our finding establishes
that thinking opportunistically (in our case, to adopt AI) re-
quires cognition-based models (Krueger 2003), thereby evi-
dencing the relevance of cognition-based models such as SCT
to the emerging field of AI in entrepreneurship. Although AI
and data science have found their way into entrepreneurship,
research at the intersection of both fields remains limited
(Liebregts et al. 2020). We advance this stream of literature
by integrating insights from the entrepreneurship and IT lit-
erature to evaluate the explanatory power of entrepreneurial
cognition in predicting their intent to adopt Al In particular,
our study significantly contributes to an emerging body of lit-
erature by offering a more holistic and nuanced understand-
ing of the factors influencing entrepreneurs' intention to adopt
Al in their organizations.

Second, our study extends SCT's application to entrepreneurs’
intention to adopt technology, demonstrating how cognitive
or mental models (cognitive processes as described by SCT)
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influence entrepreneurs’ intention to adopt AI. Our findings
align with SCT's reasoning that human thoughts and beliefs
(in our case, confidence in understanding advanced technol-
ogies like AI) shape their behavior and actions. In particular,
we advance SCT into contemporary entrepreneurship research
by enriching the theoretical perspective on the role of cognition
in entrepreneurs' intention to adopt AI. Furthermore, in line
with the SCT's logic of a dynamic interaction between personal,
behavioral, and environmental factors to predict intention
(Bandura 1986), we have shown how external factors, such as
resources deriving from the innovation ecosystem and the cre-
ative use of limited resources (bricolage) strengthen our model
relationships. These findings affirm the fundamental percept
of SCT that an individual's behavioral intention is the function
of his/her cognitive and environmental factors (Bandura 1986).
In SCT, “intentions are perceived as a by-product of person-
environment interactions and a predictor of person-environment
factors” (Bandura 1986; cited in Garcia et al. 2019, 227). In par-
ticular, SCT views the behavioral intention of individuals as the
product of reciprocal interactions between their cognitive and
environmental factors.

We applied this logic in developing our conceptual model, viz., we
first examined and established a positive association between the
cognition of entrepreneurs and their intentions to adopt AI. We
then checked whether the relationship between entrepreneurs’
cognition and their intention to adopt Al is bolstered by two en-
vironmental factors: resources at hand and resources deriving
from the innovation ecosystem. In so doing, on the one hand,
our study evident the reinforcing effects of these environmental
variables. On the other hand, by exploring the implications of
cognition and contextual factors’ interactions, we respond to a
research call by Keh et al. (2002). They stress the importance of
undertaking research on how cognitive and contextual factors in-
teract with each other to understand how entrepreneurs evaluate
emerging opportunities in risky market conditions. Our findings
prove the necessity of entrepreneurial cognition in this process.
We, therefore, conclude that (empirically) “cognitive approaches
to technology adoption share the idea that the intention to adopt a
technology is the result of a rational processing of different infor-
mation about the technology and the context of use by the user”
(Bettiga and Lamberti 2017, 180).

Third, we contribute to the literature by revealing the contin-
gency effects of resource mobilization and entrepreneurial
bricolage. Our findings show the necessity of mobilization of
resources stemming from the innovation ecosystem and en-
trepreneurial bricolage to strengthen the association between
entrepreneurial cognition and AI adoption. These findings sub-
stantiate the importance of concurrently examining resource
mobilization and bricolage as they reinforce the association
between entrepreneurial cognition and intention to adopt Al
Another related contribution is that we tested the boundary
conditions of resource mobilization and bricolage without elim-
inating one from our model. Although the literature around
resource mobilization and bricolage is abundant, most studies
were undertaken to understand their effects in isolation. This
is problematic for two reasons: (i) it offers a partial insight
into the effectiveness of each behavior, and (ii) it alone cannot
solve IT firms' conundrums in resource-constrained contexts
like ours. Therefore, we infer that since the phenomenon of

entrepreneurship implies a dynamic interplay between oppor-
tunities and resources, it cannot be understood without due at-
tention to resource mobilization and entrepreneurial bricolage
separately. Our research provides theoretical treatment of how
(i.e., resources sourced from the innovation ecosystem) and
under what condition (i.e., the strength of entrepreneurial bri-
colage) emerging economy entrepreneurial firms can amplify
the cognitive readiness to adopt AI. The presence of the firm
within the innovation ecosystem and interconnected knowledge
resources ensures that the benefits of AI are shared more widely
within the ecosystem. The bricolage connects cognition to Al as
a cognitive agility to ensure creativity and resourcefulness.

6.1 | Managerial Implication

This study has important implications for entrepreneurs, man-
agers, and policymakers. Adopting Al is critical for entrepre-
neurial ICT firms to remain competitive and achieve sustainable
growth. However, the decision to adopt Al is not only based on
the availability of technological resources but also on the cogni-
tive abilities of entrepreneurs. The knowledge gained from our
findings can help entrepreneurs and managers develop effective
strategies for encouraging the widespread adoption of AI tech-
nology in various business settings in general and ICT firms in
particular.

Due to the nature of ICT firms in Bangladesh and globally (i.e.,
pioneers in adopting new technologies), these entrepreneurs
who possess rich faith in intuition and a need for cognition are
more likely to adopt AL Therefore, through strong cognition, en-
trepreneurs must motivate the top management team and build
a culture of adopting AI for several reasons. In Bangladesh, the
adaptability of Al-based solutions can be incorporated into the
ICT healthcare system, enabling healthcare professionals to
make more informed decisions aided by Al-based predictive
analyses (Rahman et al. 2022). Sharing the best practices of Al
adoption in the innovation ecosystem may enable ICT firms to
access required resources, facilitate collaboration and network-
ing, support access to markets, and provide policy and regula-
tory support.

Our study also emphasizes the role of entrepreneurial bricolage
in enhancing the relationship between cognition and intention
to adopt AI. Entrepreneurs and managers should encourage
entrepreneurial bricolage by creating a work environment that
encourages the resourcefulness and creativity of the employees.
ICT firms in Bangladesh can achieve this by promoting a culture
of experimentation, rewarding employees who come up with in-
novative ideas, and providing a supportive work environment
that allows employees to take calculative risks. Entrepreneurs
should consider these factors when developing strategies for
AT adoption. For example, if an ICT firm operates in an inno-
vation ecosystem that provides limited resources, the managers
should focus on enhancing entrepreneurial bricolage among
their employees. On the other hand, if a similar firm operates
in an innovation ecosystem that provides abundant resources,
the managers should focus on building and maintaining solid
relationships with external stakeholders. Especially for techno-
preneurs planning to establish new ventures, the choice of loca-
tion becomes especially important, as our findings evidence that
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knowledge flows and resources accessed from the innovation
ecosystem significantly amplify the mindset of entrepreneurs
towards AI adoption. Hence, selecting a location that provides
access to a vibrant, resource-rich innovation ecosystem can sub-
stantially strengthen a new firm's competitive position and ac-
celerate its journey toward digital transformation.

Policymakers play a pivotal role in promoting AI adoption, par-
ticularly in emerging economies like Bangladesh. Historically,
advanced economies have reaped benefits from technological
advancement due to their established competitive advantages
and resource availability (Upadhyay et al. 2022). Global tech gi-
ants such as Microsoft, Alphabet, and Meta have significantly
democratized Al technologies, making them accessible world-
wide. However, to capitalize on this opportunity, policymakers
from emerging economies should actively foster an enabling
environment where entrepreneurs can maximize the benefits
of digitalization. Initiatives could include dedicated funding for
Al-related research and development, targeted tax incentives
for ICT firms investing in AI solutions, and robust support for
entrepreneurship and innovation ecosystems. For instance, ini-
tiatives such as the Bangladesh Investment Summit scheduled
for April 07-10, 2025 (BIDA 2025), provide unique opportuni-
ties to attract international investment and technological exper-
tise. Policymakers in the emerging economies part of the world
should prioritize inviting prominent AT leaders such as OpenAl,
Google, xAI, and other AI frontrunners to these types of events,
creating valuable avenues for collaboration for technopreneurs,
technology transfer, and knowledge exchange between firms.
These strategic partnerships could substantially accelerate AI
adoption, enhance digital capabilities, and foster rapid growth
through innovation-driven entrepreneurship.

7 | Limitation and Future Research

While our study provides valuable contributions, it is not with-
out its limitations that pave the way for future research oppor-
tunities. First, our outcome variable is the intention to adopt
Al However, intention may not result in actual behavior. Our
rationale for not examining the actual behavior, that is, AT adop-
tion, is driven by the fact that researchers are at the very early
stage of understanding the utility of AI in the entrepreneurship
field (Liebregts et al. 2020) and from an emerging economy per-
spective. Although entrepreneurs' intentions and perceptions
about emerging opportunities are essential, it does not neces-
sarily mean that all opportunities are being or will be exploited.
Future research should, therefore, delve deeper into the actual
adoption and practical implementation of AI technologies, mov-
ing beyond intention to examine real-world applications and
outcomes of using AI. Second, the scope of our study is confined
to the ICT sector in Bangladesh, which may limit the generaliz-
ability of our findings. Different industries and countries, with
their unique challenges and opportunities, could yield different
insights into the process of Al adoption. Future studies could ex-
pand this research by exploring a broader range of industries and
geographic locations, enhancing the applicability and relevance
of the findings across different contexts. Finally, the reliance on
self-reported data introduces the potential for response biases,
and the cross-sectional design of the study from one emerging
economy restricts our ability to make broader generalizations.

Longitudinal research designs in future studies could mitigate
these issues, offering a more dynamic view of how AI adoption
evolves over time and how intentions translate into actions. By
addressing these limitations, future research can build upon our
findings, with the aim of offering a more comprehensive and
nuanced understanding of AI usage in the entrepreneurial liter-
ature in different economies.
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Endnotes

LA is defined as the mechanism performed by machines that digitali-
zation and algorithms can perform tasks and solve complex business
problems that go beyond or surpass the human intelligence, reason-
ing, and predictive capability necessary for navigating business dy-
namics and propose solutions (Chalmers et al. 2021; Giuggioli and
Pellegrini 2022).

2Resource mobilization is a process by which firms access and ac-
tivate resources embedded in the ecosystem (Jack 2005; Thornton
et al. 2015).

3Entrepreneurial bricolage refers to the ability of entrepreneurs to cre-
ate something new out of existing resources, creatively and innova-
tively (Guo et al. 2016).
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Appendix 1

Standard Loadings of the Measurement Items

Constructs/items Standard loadings
Entrepreneurial cognition
Need for Cognition
I prioritize to have to do a lot of thinking 0.783
I don't avoid situations that require thinking in depth about something 0.765
I prefer to do something that challenges my thinking abilities rather than something that requires little thought 0.702
I prefer complex to simple problems 0.705
Thinking hard and for a long time about something gives me little satisfaction 0.788
Faith in Intuition
I trust my initial feelings about my stakeholders 0.780
I believe in trusting my hunches 0.766
My initial impressions of stakeholders are almost always right 0.702
When it comes to trusting my stakeholders, I can usually rely on my “gut feelings” 0.707
I can usually feel when a person is right or wrong even if I cannot explain how I know 0.711
Resource mobilization
Matching our suppliers’ capacity to the demands of our customers has been an important practice in our organization 0.743
Our suppliers’ ability within innovation ecosystem is critical for us to satisfy our customers 0.728
Having good relationships with both suppliers and customers within innovation ecosystem has enabled us to adopt to 0.726
changes in the marketplace
Our customer-focused approach is communicated to suppliers, so that they are aware of how we serve our customers 0.752
and can contribute to the success of delivering the offerings
We initiate relationships with new business partners within innovation ecosystem to gain local knowledge in a new 0.739
market
We interact with the customers of our customers 0.765
We work closely with influential parties within the innovation ecosystem who have relationships with our direct 0.798
customers to stimulate demand
Identifying our competitors’ major customers helps us to get to know the needs and requirements of potential customers 0.787
Entrepreneurial bricolage
We are confident of our ability to find workable solutions to new challenges by using our existing resources 0.705
We gladly take on a broader range of challenges than others with our resources would be able to 0.725
We use any existing resource that seems useful responding to a new problem or opportunity 0.708
We deal with new challenges by applying a combination of our existing resources and other resources inexpensively 0.721
available to us
When dealing with new problems or opportunities, we take action by assuming that we will find a workable solution 0.777
By combining our existing resources, we take on a surprising variety of new challenges 0.797
When we face new challenges, we put together workable solutions from our existing resources 0.793
We combine resources to accomplish new challenges that the resources weren't originally intended to accomplish 0.732
Intention to adopt AI
Our firm is planning to adopt Al-based digital technologies 0.702
Our firm will adopt AI for all major digital requirements 0.718
I think that our firm will adopt AI soon to enhance digital processes 0.733
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